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Abstract
[ Purpose / Significance ] This study aims to construct a model framework based
on theories related to open innovation to evaluate the impact of open innovation
platforms on corporate innovation performance, and to provide development rec-
ommendations for builders and users of open platform communities.
[ Method / Process ] Based on open innovation theory and knowledge manage-
ment theory, we establish a model of the impact of open innovation commu-
nities on corporate innovation performance and propose research hypotheses;
using Python programming to crawl relevant data from Xiaomi’s open innova-
tion community for empirical research to verify the research hypotheses.
[ Results / Conclusion ] The research results indicate: � Community organiza-
tional mechanisms significantly positively influence community social network
structure; � Community technical mechanisms significantly positively influence
community social network structure; � Community social network structure sig-
nificantly positively influences corporate knowledge acquisition; � Community
social network structure significantly positively influences corporate knowledge
transformation; � Community social networks significantly positively influence
the activity level of community innovation sources; � The activity level of commu-
nity innovation sources significantly positively influences the scale of community
innovation sources; � The scale of community innovation sources significantly
positively influences corporate knowledge transformation; � Corporate knowl-
edge transformation significantly positively influences corporate innovation per-
formance; � The activity level of community innovation sources significantly
positively influences corporate innovation performance.
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Abstract
[Purpose/Significance] This study constructs a model framework based on
open innovation theory to evaluate the impact of open innovation platforms
on corporate innovation performance, providing development recommendations
for both builders and users of open platform communities. [Method/Process]
Grounded in open innovation theory and knowledge management theory, we es-
tablish a model of how open innovation communities influence corporate innova-
tion performance and propose research hypotheses. We then conduct empirical
research using Python-programmed web scraping of data from Xiaomi’s open in-
novation community to validate these hypotheses. [Result/Conclusion] The
findings indicate that: � community organization mechanisms significantly and
positively affect community social network structure; � community technical
mechanisms significantly and positively affect community social network struc-
ture; � community social network structure significantly and positively affects
corporate knowledge acquisition; � community social network structure signifi-
cantly and positively affects corporate knowledge transformation; � community
social network structure significantly and positively affects community innova-
tion source activity; � community innovation source activity significantly and
positively affects community innovation source scale; � community innovation
source scale significantly and positively affects corporate knowledge transforma-
tion; � corporate knowledge transformation significantly and positively affects
corporate innovation performance; and � community innovation source activity
significantly and positively affects corporate innovation performance.
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knowledge management; community mechanism
Classification Number: F49
Citation Format: Wu B, Lu Y J. The impact of open innovation community
on enterprise innovation performance [J/OL]. Knowledge Management Forum,
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Introduction
Since the beginning of the 21st century, innovation models and development
trends have undergone tremendous changes alongside globalization, informatiza-
tion, and networking, with “open innovation” gradually becoming the dominant
paradigm for corporate innovation. Since the concept of open innovation was
first proposed [1], practical activities related to open innovation communities
have flourished both domestically and internationally. Correspondingly, the-
oretical research on open innovation communities has continuously deepened,
though current studies have primarily focused on the effectiveness of external
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technologies in open innovation, open innovation business models, open inno-
vation enterprises and intellectual property, research on open innovation envi-
ronmental resources, and customer research under the open innovation model.
However, research on the mechanism through which open innovation communi-
ties affect corporate innovation performance remains scarce [2].

Therefore, this study integrates open innovation community theory with knowl-
edge management theory, adopts corporate innovation performance as the ori-
entation, constructs a model of how open innovation communities influence
corporate innovation performance, proposes research hypotheses, and applies
web mining to open innovation community data for empirical validation. The-
oretically, this research provides operable theoretical methods and analytical
tools for qualitative analysis of open innovation communities; practically, it
offers strategic guidance for effectively stimulating collective intelligence and
maximizing the collaborative efficiency of open innovation communities.

1.1 Open Innovation Community
In open innovation theory, open innovation refers to enterprises’ balanced coordi-
nation of internal and external resources for collaborative innovation. Through
open innovation communities, users can directly or indirectly participate in
innovation-related activities such as product ideation, research and develop-
ment, and promotion [3]. Open innovation communities can typically be divided
into open user innovation communities and open source communities.

Open user innovation communities organize end-users of products or services
into distributed collaborative groups through online platforms, where commu-
nity members can voluntarily and freely discuss various ideas, solve common
problems, or improve solutions through knowledge sharing and creation [4-5].
Open source communities comprise individuals with shared interests who par-
ticipate in developing and improving open source software [6-7], imposing no
restrictions on computer program coding—anyone can utilize, modify, and dis-
seminate the modified code without payment [8]. While user innovation commu-
nities emphasize user participation characteristics, the open source community
model places greater emphasis on complete user participation and online collab-
orative software development.

This study focuses on open user innovation communities, as current research on
such communities concentrates primarily on user participation motivations, lead
user behaviors, interaction quality among users, definitions and management
models of open innovation communities, how to create online communities, and
user participation incentive mechanisms. Literature [9] and [10] propose that
establishing open innovation communities should emphasize user behavior clas-
sification and participation rules, conducting classification research on commu-
nity users’ participation attitudes according to their participation tendencies,
thereby proposing motivation models to explain user participation behavior.
These studies examine the interactive role of lead users in new product devel-
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opment processes and suggest rational community planning and strengthened
user management. Literature [11] proposes a system dynamics model for open
innovation communities to investigate key factors for successful community op-
eration.

1.2 Knowledge Management Process
Knowledge management can be defined as a knowledge system within orga-
nizations where information and knowledge undergo processes of acquisition,
creation, sharing, integration, recording, access, and updating to achieve the
ultimate goal of continuous knowledge innovation, which then feeds back into
the organizational knowledge system [12]. Knowledge has become the primary
source of wealth in organizations, making knowledge management the most
important organizational task for maintaining competitiveness. The main pro-
cesses of knowledge management can be divided into knowledge acquisition,
knowledge transformation, and knowledge application.

The knowledge acquisition process [13] marks the point when knowledge truly
enters the organizational context. Knowledge is generated and exists not only
within companies but also develops externally. Only when knowledge can be
acquired and utilized by the organization does it become a valuable asset.
The knowledge acquisition process includes searching, filtering, and integrat-
ing knowledge—capturing various useful knowledge from internal and external
sources and storing it in organizational knowledge repositories according to clas-
sification frameworks or standards.

Knowledge transformation refers to changes in knowledge forms and self-renewal
of knowledge objects, representing the mutual conversion process between tacit
and explicit knowledge in organizational management activities [13]. Among nu-
merous knowledge management activities, knowledge transformation constitutes
the most important form. Through this transformation process, the quality of
knowledge capital improves and core competencies are formed, making knowl-
edge transformation an optimization process that unifies both the quantity and
quality of knowledge capital.

The knowledge application process combines acquired knowledge with work to
solve problems and improve efficiency. Knowledge application typically occurs
in two situations: � knowledge seekers consciously seek and apply knowledge
after recognizing a problem; and � managers recognize that certain knowledge
could be widely applied across multiple departments or processes to substan-
tially improve productivity, but relevant departments have not yet recognized
or understood this, necessitating conscious knowledge promotion by manage-
ment supplemented with direct guidance and regular training.
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1.3 Community Network Management Mechanism
A community network is a space where netizens gather to communicate and
interact, with the internet as its medium. Interactions among netizens typically
center around specific themes. Community networks exist in various forms,
primarily including social apps, discussion groups, friend circles, official forums,
BBS, blogs, and other social network forms with sharing and communication
attributes. A major advantage of community networks is that communication
among users is timely and bidirectional, making the communication process
more efficient. However, community networks also have certain disadvantages,
such as uncertainty and potential risks, necessitating regulatory or management
mechanisms to maintain healthy network development [16].

By establishing community management norms—such as member identity veri-
fication and posting regulations—a healthy and stable high-quality community
can be constructed. As an online communication space for netizens, community
networks fulfill functions including information dissemination, knowledge trans-
fer, social network establishment, and transaction facilitation, enabling netizens
to conduct theme-specific communication and interaction. Through this plat-
form, all participants can achieve mutual benefits. Meanwhile, the quality of
the community network environment is crucial for value realization. In a good,
orderly community network environment, participants can clarify their needs,
positioning, and value orientation, relationships among community members be-
come harmonious, trust increases, cohesion strengthens, and more new members
are attracted, naturally enhancing community network value. Conversely, in a
relatively chaotic and disorganized community network environment, partici-
pant quality varies widely, making it difficult for participants to concentrate, re-
sulting in poor community credibility, low community value, and failure to exert
the positive effects community networks should have. Therefore, strengthening
community network management capabilities becomes exceptionally important.

1.4 Summary of Related Research
First, open innovation theory focuses on researching the acquisition and applica-
tion of external knowledge resources, but effectively integrating external knowl-
edge resources with internal ones requires combining enterprise knowledge man-
agement theory. However, current research integrating open innovation theory
with enterprise knowledge management theory remains limited.

Second, most existing open innovation community research fails to effectively
incorporate corporate innovation performance, despite the close relationship
between open innovation community operation and corporate innovation per-
formance. Therefore, research should explore the operational mechanisms of
open innovation communities with corporate innovation performance as the ori-
entation.

Finally, current empirical research on open innovation communities predomi-
nantly employs simulation and questionnaire surveys, which suffer from strong
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subjectivity. However, open innovation communities have accumulated large
amounts of objective data that can be mined through web scraping for empiri-
cal research.

2. Research Model
Drawing from open innovation theory and integrating knowledge management
theory, we propose a model of how open innovation communities influence cor-
porate innovation performance. As shown in Figure 1 [Figure 1: see original
paper], we establish basic hypotheses that open innovation community mecha-
nisms affect community social network structure, which in turn affects knowl-
edge management processes and community innovation sources, and that both
knowledge management processes and community innovation sources affect cor-
porate innovation performance.

2.1 Hypotheses on Community Organization and Technical
Mechanisms
Community organization mechanisms refer to how community managers em-
ploy organizational means to maintain normal community operation and activ-
ity levels [18], such as official community postings, resource sharing, and orga-
nized activities. When community networks are in a state of disorganization,
high-quality participants struggle to invest sufficient energy and resources in
community activities, leading to low community reputation and low-value infor-
mation and knowledge dissemination, as well as low-level social circles. When
clear governance entities exist within community organization, with clear com-
munity positioning and value orientation, community members trust each other,
community cohesion strengthens, and community network value increases.

Community organization mechanisms can directly affect community social net-
work formation, thereby influencing corporate performance [19]. We therefore
propose:

H1: Community organization mechanisms positively affect community social
network structure.

Community technical mechanisms refer to how community managers employ a
series of technical means to maintain community network order and stability
[20], such as: � reviewing all posts before publication, prohibiting non-compliant
language; � deleting published posts that violate regulations in content or form;
� promptly punishing and publicizing users who publish unhealthy, uncivil, dis-
criminatory, or aggressive content; and � banning severely violating members’
registered IDs. Technical intervention facilitates community network develop-
ment, as community technical mechanisms can directly affect community social
network formation and structural characteristics, thereby influencing corporate
performance [21]. We therefore propose:
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H2: Community technical mechanisms positively affect community social net-
work structure.

2.2 Hypotheses on Community Social Network Structure
Community social network structure research takes relationships as the main
thread, integrating individuals, micro-networks, and macro-structures. Through
network information technology, it provides organizational guarantees for knowl-
edge collaboration among community network members [22]. Open innova-
tion communities rely on internet technology to integrate three elements—node
users, node user relationships, and the overall community—forming community
social networks with certain structural characteristics. The core is to fully lever-
age the advantages of community users’ social network structures [23], such
as network connectivity, network density, and network cohesive subgroups, to
provide drivers for community collaborative development.

Social networks can create value by promoting actions among organizations or
individuals and affect organizational knowledge management capabilities. Net-
work relationship strength positively correlates with knowledge sharing [24];
therefore, establishing extensive relational networks with external parties can
not only bring large amounts of heterogeneous information and knowledge to or-
ganizations but also provide more cooperation opportunities, thereby enhancing
corporate competitiveness. We therefore propose:

H3: Community social network structure positively affects corporate knowledge
acquisition.

Social network structure affects knowledge transformation in communities, par-
ticularly the transformation of tacit knowledge. Making tacit knowledge ex-
plicit is key to knowledge innovation, and tacit knowledge transformation occurs
through knowledge interaction among community members. Members’ status
and reputation in the social network influence the development of knowledge
interaction—the higher the position, the greater the influence and trust [25].
We therefore propose:

H4: Community social network structure positively affects corporate knowledge
transformation.

When social network relationship breadth increases, organizational connection
scope expands, marginal costs decrease, marginal benefits increase, and exter-
nal innovation source characteristics change. The broader the organizational
network relationships, the richer the resources, which more strongly affect com-
munity innovation source scale and activity [26]. We therefore propose:

H5: Social network structure positively affects community innovation source
scale.

H6: Social network structure positively affects community innovation source
activity.
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2.3 Hypotheses on Knowledge Management Process
Corporate knowledge constitutes intangible resources and a key factor for main-
taining competitive advantage. Knowledge gaps provide the premise for knowl-
edge management—when organizations or individuals discover that their knowl-
edge stock cannot meet demands, they seek knowledge according to target gaps,
filling these gaps through knowledge acquisition and transformation, thereby
initiating a new round of knowledge collaboration [27]. The knowledge manage-
ment process is thus a dynamic cycle. Since the effects of knowledge application
directly reflect in corporate innovation performance, we focus on knowledge ac-
quisition and transformation, integrating knowledge application into corporate
innovation performance.

Acquiring needed knowledge motivates community members’ knowledge collab-
oration. Knowledge acquisition represents knowledge transfer among collabo-
rative members, with external resources—most importantly knowledge—being
crucial for corporate innovation processes [28]. Knowledge acquisition capability
primarily manifests as high sensitivity and grasp of technology industry devel-
opment trends [29], such as new feature suggestions, product bug feedback, and
bug resolution. Utilizing external knowledge is an important link in enhancing
innovation capability, thereby facilitating organizational technological innova-
tion, with metrics such as patent application numbers and software releases
measuring innovation performance [30]. We therefore propose:

H7: Corporate knowledge acquisition positively affects corporate innovation
performance.

During open innovation processes, enterprises must continuously evaluate knowl-
edge acquisition capabilities and formulate strategies to improve them based on
evaluation results. Knowledge acquisition increases opportunities for mutual
learning and cooperation among members. By assigning dedicated personnel or
teams to study advanced technologies and methods involved in cooperative in-
novation [31], and encoding know-how and knowledge involved in organizational
cooperative innovation for others’ reference [32,33]—such as resolving product
bugs, replying to bug reports, and developer communication—knowledge inno-
vation capability is stimulated and organizational innovation performance en-
hanced. Tacit knowledge is more important for organizational innovation; the
greater the degree of tacit knowledge transformation, the stronger organizational
innovation capability and performance [34,35]. We therefore propose:

H8: Corporate knowledge acquisition positively affects corporate knowledge
transformation.

H9: Corporate knowledge transformation positively affects corporate innova-
tion performance.
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2.4 Hypotheses on Community Innovation Source
In open innovation processes, enterprises collaborate with numerous innovation
sources in open communities [36,37]. Community innovation source scale and
activity constitute important characteristics of community innovation sources.
Community innovation source scale refers to the number of behavioral actors
directly associated with community innovation sources, such as posting users,
replying users, and post views. Community innovation source activity refers
to the participation enthusiasm of community innovation sources, such as user
posting volume, replying volume, and high-quality post volume.

Both community innovation source scale and activity affect corporate innovation
performance to varying degrees [38,39]. We therefore propose:

H10: Community innovation source scale positively affects corporate innovation
performance.

H11: Community innovation source activity positively affects corporate inno-
vation performance.

Collaboration with community innovation sources provides enterprises with ef-
fective access to heterogeneous knowledge resources from communities. The
larger the community innovation source scale, the more heterogeneous knowl-
edge resources enterprises need to transform [40], with innovation source scale
determining the breadth of corporate knowledge transformation. Community
innovation source scale affects the spiral ascent of knowledge transformation,
thereby influencing corporate innovation performance [41,42]. We therefore pro-
pose:

H12: Community innovation source scale positively affects corporate knowledge
transformation.

Open innovation communities are boundaryless dynamic collaborative commu-
nities where community innovation source activity reflects user participation
enthusiasm. Active community innovation sources help reduce uncertainty in
collaborative innovation, thereby affecting community innovation source scale
[43]. We therefore propose:

H13: Community innovation source activity positively affects community inno-
vation source scale.

3. Empirical Research
3.1 Empirical Object Selection

We selected Xiaomi’s open innovation community as our empirical research ob-
ject for the following reasons: � Established in 2013, the platform has devel-
oped rapidly with stable growth in both user numbers and post volume. Com-
pared with Haier’s Hope community, also founded in 2013, Xiaomi’s community
demonstrates strong interactivity, with over 50 million registered users and more
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than 10,000 daily active users. � All required data—including Xiaomi commu-
nity user data, post data, new product data, and patent data—can be obtained
through Python programming.

3.2 Data Collection and Preprocessing

We used Python programming to capture relevant data from Xiaomi’s open
innovation community. Due to platform settings that only retain forum data
from the past year, we obtained raw data spanning 543 days from March 2017
to August 2018. The data were cleaned and preprocessed through the following
steps: � removing garbled, erroneous, or duplicate posts; and � removing users
with fewer than 5 posts within one year. After processing, we obtained 352,147
user data points and 4,881,764 post records. To further measure Xiaomi’s corpo-
rate innovation performance indicators, we obtained software release numbers
from Xiaomi’s official account. Considering the lag in patent applications, we re-
trieved 3,954 patents filed by Xiaomi from July 2017 to December 2018 from the
National Intellectual Property Administration website. All obtained indicator
data were aggregated by day.

3.3 Measurement Indicators

Based on our research hypotheses, variables, and the characteristics of Xiaomi’s
open innovation community, and combining available data from the community,
we propose the measurement indicators shown in Table 1 (columns 1-3). De-
scriptive statistics for these measurement indicators appear in columns 4-5 of
Table 1.

4.1 Data Reliability and Validity Analysis
Since we used objective data with large differences in indicator magnitude, we
first standardized the data before analysis. We measured reliability using Cron-
bach’s alpha coefficient and validity using exploratory factor analysis. To avoid
issues with Cronbach’s alpha, such as reliability inflation and assumptions of
equal importance among measured variables, we strengthened our assessment
through composite reliability (CR > 0.6) and average variance extracted (AVE
> 0.5) [44].

We analyzed each indicator variable’s Cronbach’s alpha (reliability analysis),
composite reliability (CR), average variance extracted (AVE), and factor load-
ings using SPSS (see Table 2 ). All eight variables showed Cronbach’s alpha
coefficients above the critical value of 0.70, CR coefficients above 0.6, AVE coef-
ficients above 0.5, and factor loadings above 0.5, indicating suitability for path
analysis [44].
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4.2 Hypothesis Testing
We used the maximum likelihood method in structural equation modeling
(SEM) to validate the 13 proposed hypotheses. The model’s path analysis is
shown in Figure 2 [Figure 2: see original paper], where path coefficients reflect
the direction and magnitude of influence between latent variables. Values
in parentheses below variables indicate the degree to which latent variables
can be explained, reflecting the model’s predictive power. The combined
effect of community organization and technical mechanisms explains 97.3%
of community social network structure variance. Community social network
structure explains 46.7% of corporate knowledge acquisition variance and
99.5% of community innovation source activity variance, showing stronger
explanatory power for innovation source activity. The combined effect of
community social network structure and innovation source scale explains 97.5%
of corporate knowledge transformation variance. Innovation source activity
explains 99.4% of innovation source scale variance. The combined effect of
innovation source activity and corporate knowledge transformation explains
56.8% of corporate innovation performance variance.

4.2.1 Community Organization and Technical Mechanisms

Consistent with our hypotheses, both community organization and technical
mechanisms significantly and positively affect community social network struc-
ture, with technical mechanisms (path coefficient 0.660) showing greater impact
than organization mechanisms (path coefficient 0.325). This indicates that com-
munity organization mechanisms (such as official postings, resource sharing,
and club activities) and technical mechanisms (such as handling problem posts
and punishing problematic users) positively promote the formation, stability,
and development of open innovation community social networks, with technical
mechanisms serving as particularly important safeguards for stable community
development.

4.2.2 Community Social Network Structure, Knowledge Manage-
ment, and Innovation Sources

Consistent with our hypotheses, community social network structure signifi-
cantly and positively affects both corporate knowledge acquisition and transfor-
mation, with stronger influence on knowledge acquisition (path coefficient 0.683)
than on knowledge transformation (path coefficient 0.351). This demonstrates
that the effectiveness of corporate knowledge acquisition and transformation
largely depends on community social network structural characteristics such as
network centrality, density, and cohesive subgroups.

Consistent with our hypotheses, community social network structure strongly
positively affects community innovation source activity (path coefficient 0.997),
and innovation source activity significantly positively affects innovation source
scale (path coefficient 0.184). Contrary to our hypotheses, community social net-
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work structure shows no significant positive effect on innovation source scale.
This suggests that while social network structural characteristics help enhance
innovation source activity, their impact on innovation source scale occurs indi-
rectly through innovation source activity.

4.2.3 Knowledge Management, Community Innovation Sources, and
Corporate Innovation Performance

Consistent with our hypotheses, corporate knowledge transformation strongly
positively affects corporate innovation performance (path coefficient 0.953).
Contrary to our hypotheses, corporate knowledge acquisition shows no signif-
icant positive effect on either corporate knowledge transformation or corpo-
rate innovation performance. This indicates that although corporate knowledge
acquisition—such as new feature suggestions, product bug feedback, and bug
resolution—directly increases corporate knowledge assets, the effective pathway
to improving corporate innovation performance is corporate knowledge transfor-
mation, such as resolving product bugs, replying to bug reports, and developer
communication.

Consistent with our hypotheses, innovation source activity significantly posi-
tively affects corporate innovation performance (path coefficient 0.811), and in-
novation source scale significantly positively affects corporate knowledge trans-
formation (path coefficient 0.727). Contrary to our hypotheses, innovation
source scale shows no significant direct effect on corporate innovation perfor-
mance. This demonstrates that innovation source activity—such as user posting
volume, replying volume, and high-quality post volume—helps improve corpo-
rate innovation performance, while the knowledge aggregation effect generated
through innovation source scale—such as numbers of posting users, replying
users, and post viewers—must indirectly affect corporate innovation perfor-
mance through corporate knowledge transformation.

5.1 Implications for Open Innovation Community Con-
struction and Development
Based on the above analysis, the direct factors affecting corporate innovation
performance are corporate knowledge transformation and innovation source ac-
tivity, with corporate knowledge transformation having a greater impact than
innovation source activity. Since community organization and technical mecha-
nisms jointly affect community social network structure, which directly affects
corporate knowledge transformation while indirectly affecting it through innova-
tion source activity and scale, these mechanisms play a positive role in promoting
community development and corporate performance. Conversely, neither cor-
porate knowledge acquisition alone nor expanded innovation source scale inde-
pendent of knowledge transformation significantly affects corporate innovation
performance.

From a macro perspective, enterprises should planfully develop and utilize open
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innovation communities according to their development goals and character-
istics. The impact of open innovation communities on corporate innovation
performance is multidimensional, with different indicators affecting innovation
performance across different dimensions and with varying strength. Therefore,
enterprises should analyze their own advantages and current development objec-
tives to selectively cultivate and utilize influential indicators in open innovation
communities, achieving corporate innovation performance-oriented community
development.

From a micro perspective, a series of open innovation community organiza-
tion and technical mechanisms can indirectly affect corporate innovation perfor-
mance through community social network structure. Therefore, it is necessary
to formulate and improve community organization and technical mechanisms to
promote stable community development, enhance community innovation source
activity, thereby achieving knowledge aggregation effects from expanded inno-
vation source scale and improving corporate innovation performance.

5.2 Discussion on Community Organization and Technical
Mechanisms
Currently, few studies integrate open innovation theory with knowledge man-
agement theory to explore how open innovation communities affect corporate
innovation performance. Our research examines community organization and
technical mechanisms from four aspects:

First, we treat open innovation community organization mechanisms (includ-
ing official postings, resource sharing, and organized activities) and technical
mechanisms (including complaint punishment announcements, complaint han-
dling postings, and complaint handling replies) as independent variables affect-
ing community social network structure. Results show that these mechanisms
indirectly affect corporate innovation performance through community social
network structure. Therefore, open innovation community builders should ef-
fectively plan and enhance the effectiveness of community organization and
technical mechanisms.

Second, we propose that community social network structure (including central-
ity, density, and cohesive subgroups) affects corporate knowledge management
processes and community innovation sources. Findings indicate that social net-
work structure directly influences corporate knowledge acquisition, transforma-
tion, and innovation source activity; indirectly affects innovation source scale
through innovation source activity; and indirectly affects corporate knowledge
transformation through innovation source scale. Therefore, open innovation
communities should focus on enhancing innovation source activity.

Finally, we emphasize the importance of affecting corporate innovation perfor-
mance through corporate knowledge management processes and community in-
novation sources. Results show that knowledge transformation and innovation
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source activity directly affect corporate innovation performance, while innova-
tion source scale indirectly affects corporate innovation performance through
corporate knowledge transformation. Therefore, strengthening corporate knowl-
edge transformation is an important pathway to improving corporate innovation
performance.

6. Research Limitations and Future Directions
First, while we constructed model measurement indicators, obtained variable
measurement data through data mining, and applied structural equation model-
ing to test hypotheses about how open innovation communities affect corporate
innovation performance, the reasonableness and validity of our measurement
indicators require further improvement despite their objectivity and weights.

Second, we adopted a cross-sectional research design, yet open innovation com-
munity characteristics and user social behaviors are dynamic. Longitudinal
research could provide deeper understanding of the dynamic development of
community network structures. Therefore, longitudinal research design repre-
sents a future research direction that could enhance understanding of the inter-
relationships or causal relationships among variables in our model.
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