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Abstract
[Purpose/Significance] Virtual job-seeking communities have become important
channels for job seekers to obtain and share information and resources. By min-
ing user interaction patterns and structures in these communities, this study
proposes recommendations for their improvement. [Method/Process] Utiliz-
ing user interaction data from a fresh graduate job-seeking forum and com-
bining applied content analysis with social network analysis methods, this re-
search examines both user interaction content and interaction relationships. [Re-
sults/Conclusions] The study finds that users most frequently exchange factual
data related to job seeking, but they also seek social support such as social
networking, recommendations, and instrumental support; interaction demands
vary significantly across different job-seeking topics, with users being most con-
cerned about comprehensive information and resources related to written tests
and interviews. Meanwhile, the overall user base remains largely disconnected
with minimal interaction; the primary relational network is sustained by a few
key members, and there is a shortage of core users to facilitate the dissemination
of information and resources.
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Abstract
[Purpose/Significance] Virtual job-hunting communities have become impor-
tant channels for job seekers to obtain and share information and resources. By
mining the user interaction patterns and structures of these communities, this
study proposes recommendations for community improvement.

[Method/Process] Using user interaction data from the Yingjiesheng job fo-
rum, this research combines content analysis with social network analysis to
examine two dimensions: user interaction content and interaction relationships.

[Result/Conclusion] The study finds that users most frequently exchange
factual data related to job hunting, but they also seek social support including
social networking, referrals, and instrumental support. Different job-hunting
topics exhibit significantly different interaction needs, with users showing the
greatest concern for all aspects of information and resources related to written
tests and interviews. Meanwhile, the overall user community remains discrete
with limited communication. The primary relationship network is supported by
a few key members, lacking sufficient core users to promote the dissemination
of information and resources.

Classification Number: G209
Keywords: Virtual job-hunting community, Interaction patterns, Social net-
work analysis, Content analysis, Group communication

With the rise of social network-based recruitment, an increasing number of job
seekers are using online social networks to search for job information and re-
sources. Recruitment companies are no longer limited to traditional job web-
sites but are gradually adopting social media platforms such as microblogs and
social networking sites as recruitment channels [?]. A Jobvite survey found that
93% of companies use or plan to use social media as a recruitment tool, with
51% planning to increase investment in mobile recruitment [?]. The applica-
tion of various forms of virtual communities—including social websites, forums,
friend circles, and Q&A platforms—in the job recruitment field has facilitated
interactions between job seekers and other members (including current employ-
ees, HR personnel, and other job seekers). These interactions not only help
job seekers access more opportunities but also assist them in coping with job
search setbacks and understanding the knowledge and skills required for target
positions [?].

Virtual job-hunting communities are online social media platforms where peo-
ple search for and share job-related information and resources [?]. Currently,
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research on virtual job-hunting communities remains limited, primarily focusing
on individual job seekers’community usage and its impact, with a lack of studies
at the group interaction level [?]. However, existing research on group interac-
tion behaviors in other virtual community domains provides strong methodolog-
ical support and theoretical foundations for this study.

Compared to activities such as tourism, scientific research, online shopping, and
e-learning, job hunting is a complex, time-sensitive activity that heavily relies on
personal social networks [?]. Job seekers’urgent psychological state significantly
influences how they participate in community interactions and causes them to
rarely continue following job-related topics after securing employment. Con-
sequently, user interaction behaviors in virtual job-hunting communities differ
markedly from those in other virtual communities.

2. Related Research on Group Interaction Behaviors in
Virtual Communities
Given this context, this study uses interaction data from the Yingjiesheng job
forum as its foundation, combining content analysis with social network analysis
from a group interaction perspective to deeply explore users’social interaction
patterns in virtual job-hunting communities. The goal is to understand current
job seekers’utilization of these communities, uncover their potential information
value, and provide recommendations for improving user engagement.

2.1 Current Status of Research on Virtual Community Group Inter-
action Behaviors

Through literature collection and analysis, scholars have explored group online
interaction behaviors across various domains, analyzing interaction patterns
and information search/sharing characteristics of specific groups, as well as ex-
amining behavioral motivations and their impact on individual decisions and
collective actions. Extensive interaction research has concentrated on health-
care (e.g., A. McCormack [?], K.C. Eichhorn [?]) and education (e.g., Gan
Yongcheng [?], M. Lucas et al. [?]), with several classic and mature analytical
frameworks already established, such as the social support interaction analysis
framework by C.E. Cutrona and J.A. Suhr [?], the epistemological interaction
analysis framework by J. Pena-Shaff et al. [?], and the knowledge construction
interaction analysis framework by C.N. Gunawardena et al. [?].

With the widespread application of virtual communities, some scholars have
begun investigating interaction behaviors of specific target groups including IT
professionals [?], investors [?], tourists [?], and consumers [?], though research
in these areas remains relatively scarce and fragmented. Nevertheless, exist-
ing domain studies have fully confirmed the substantial information value of
virtual communities, demonstrating that they provide rich, useful information
for problem-solving and decision-making. Other scholars have focused more on
group interaction characteristics or differences across various virtual community
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forms such as Q&A platforms [?] and blogs [?], analyzing interaction patterns or
information dissemination models to guide effective community utilization. Re-
search indicates that different virtual community forms—even within the same
community—may exhibit distinct interaction patterns, which significantly affect
information sharing effectiveness, quality, and credibility.

2.2 Main Research Methods for Virtual Community Group Interac-
tion Behaviors

Overall, the most commonly used methods for virtual community group inter-
action analysis are content analysis and social network analysis.

Content analysis primarily involves classifying and analyzing user-generated con-
tent in virtual communities, counting category frequencies to identify interaction
patterns [?]. Numerous interaction analysis frameworks describing group inter-
action processes exist in the literature, varying substantially in classification
quantity, complexity, criteria, and applicability [?]. Examples include the uni-
versally applicable Interaction Process Analysis (IPA) framework by R.F. Bales
[?] and the social support coding framework by C.E. Cutrona and J.A. Suhr
[?] for healthcare domains. Some researchers apply these classic frameworks to
analyze group interactions in virtual communities (e.g., C.K. Courserais and
M. Liu [?]), while others develop new classification frameworks (e.g., U. Pfeil
and P. Zaphiris [?]). To ensure framework validity, L. Rourke and T. Anderson
[?] recommend using established frameworks developed and validated by other
researchers.

Social network analysis examines interaction relationships in virtual communi-
ties to observe network structures and members’positions, exploring group inter-
action characteristics from a structural perspective. As a powerful relationship
analysis technique, it provides opportunities to quantify complex online interac-
tion patterns [?]. Social network analysis offers various structural metrics such
as network density, centrality, and average path length, enabling researchers
to analyze network characteristics at both whole-network and individual lev-
els to identify active members and influential or resource-holding key members.
These metrics have been widely applied in virtual community group interaction
network studies.

Related research [?, ?, ?] demonstrates that combining content analysis with
social network analysis from both content and relationship dimensions facilitates
deeper, more detailed understanding of interaction nature and types among
network members.

3. Research Design
3.1 Research Object Selection

Founded in 2005, Yingjiesheng.com is currently China’s largest job-hunting
website for fresh graduates. This study selected interaction data from the six
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most active job-hunting boards on the Yingjiesheng forum. Data were collected
from January 1, 2016 to December 31, 2016. Forum topics are generally called
“posts”; this study defines posts that initiate new topics as “root posts”and
replies that continue these topics as“response posts”[?]. Among the 5,369 posts
extracted (including 1,894 root posts and 3,475 response posts), data cleaning
yielded a final dataset of 1,868 root posts and 3,078 response posts.

3.2 Research Methods and Process

Based on this data, the study first conducted content analysis of the posts
themselves, then performed social network analysis of reply relationships among
forum members from a social relationship dimension.

3.2.1 Content Analysis Phase In the collected data, each root post received
an average of 1.77 replies and had an average of 1,297 views. Although the aver-
age reply rate was not high, the discussion content clearly concerned university
student job seekers. Therefore, this study employed content analysis from an
interaction process perspective to examine online interaction patterns and their
variations across different job-hunting topics. Two analytical frameworks were
established: an interaction process analysis framework and an interaction topic
analysis framework, with data coded according to both frameworks.

(1) Determination of Interaction Content Analysis Framework. Pre-
liminary analysis of raw data revealed that job seekers’online interactions aim
to obtain social support in a broader sense through online social networks, in-
cluding seeking job information and resources, solving specific job-hunting prob-
lems, requesting advice or experience, emotional exchange, and finding peers.
To ensure content analysis validity, this study referenced the classic Interac-
tion Process Analysis (IPA) framework by R.F. Bales [?] and the social support
coding framework by C.E. Cutrona and J.A. Suhr [?], adapting them to job
seeker interaction characteristics. Interaction behaviors were divided into two
major categories—task information and social emotion—further subdivided into
20 subcategories, as shown in Table 1 .

(2) Coding Rules and Methods. Since post lengths varied dramatically
(from a dozen to over a thousand characters) with inconsistent richness and
random arrangement, simply coding entire posts or comments as single cate-
gories, or coding sentence-by-sentence or paragraph-by-paragraph, would not
correspond to actual content nature. Therefore, this study adopted the“mean-
ing unit”segmentation standard, which is closer to content semantics [?], before
coding meaning units using the two frameworks. A meaning unit refers to a sin-
gle thought or idea unit that can be extracted from content, exist independently,
and still express a complete single thought [?].

Three collaborators who reached consensus on classification standards after cod-
ing training performed the coding work. First, post content was divided into
meaning units. To ensure reliability, consistency was tested using the formula
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2M/(N1+N2) [?], achieving 90% consistency after multiple rounds of testing.
Second, meaning units were coded using the two frameworks. To ensure relia-
bility, Cohen’s Kappa coefficient was used to test coding consistency [?]. Both
frameworks achieved coefficients exceeding 0.75 (0.791 and 0.871 respectively),
indicating good reliability. Inconsistent coding results were discussed among
the three collaborators until consensus was reached.

(3) Determination of Interaction Topic Analysis Framework. When
establishing the job seeker interaction topic analysis framework, this study cat-
egorized interaction topics into 11 types based on different job-hunting process
stages and initial data analysis, as shown in Table 2 .

3.2.2 Social Network Analysis Phase The reply relationship network
formed by users’posts and replies represents the concrete manifestation of
online interaction. Social network analysis of this network helps understand
user groups’social interaction patterns and structures. This study constructed
a directed, weighted social network with all posting and replying users as
actors, reply relationships as interactions, and reply frequency as relationship
strength. In this network, a directed edge from user A to B indicates A replied
to B, with edge weight representing reply count. After removing self-links
(users replying to themselves) and isolated nodes (posting users who received
no replies), the final network comprised 1,990 member nodes and 1,833 directed
edges. Using social network analysis software Ucinet, this study analyzed the
reply network from network structure and centrality perspectives to explore
information dissemination forms and user interaction levels.

4. Research Results and Analysis
4.1 Content Analysis Results

When statistically analyzing coding results, if a post contained multiple meaning
units of the same type (e.g., advice), it was counted only once—multiple identical
meaning units within the same post were recorded as one unit.

4.1.1 Analysis of Job Seeker Interaction Processes The interaction pro-
cess analysis framework yielded 7,831 meaning units, including 3,703 from root
posts and 4,128 from response posts. Statistical results for each meaning unit
type in root and response posts are shown in Figure 1 [Figure 1: see original
paper].

As Figure 1 shows, users primarily create root posts to share job-hunting facts
(15.18%) and personal experiences (14.2%), providing social support to oth-
ers based on their own experiences—mainly offering advice (6.83%) or opinions
(5.97%). To solve job-hunting problems, users also actively seek social support
by creating root posts, most frequently consulting about facts (10.80%) such as
job-hunting process details and company recruitment information, followed by
seeking advice (9.94%) and opinions (5.24%) for various job-hunting decisions.
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Conversely, users rarely post specifically to express emotions or seek emotional
support. Instead, they express emotional appeals while sharing experiences or
seeking help. The most frequent emotional expression is friendliness (11.18%)—
encouraging questions, wishing others success, or expressing gratitude—followed
by displaying tension (6.54%) and relieving tension (3.86%). The former in-
cludes frustration from job-hunting failures and anxiety over decision-making,
while the latter involves adjusting mindset and relaxing during stressful job
searches.

Similarly, response posts most frequently involve providing (21.03%) and re-
questing (16.67%) factual information, indicating users’primary focus on ex-
changing real-time job-hunting information and data. This is followed by ex-
pressing opinions (11.92%) or giving advice (4.97%), with some directly request-
ing instrumental support (4.70%) such as materials or practical assistance.

Regarding emotional exchange, friendliness also dominates response posts (21%),
mainly expressing gratitude and praise to information providers, followed by
expressing job-hunting anxiety and nervousness (4.26%).

Table 3 summarizes the community’s user interaction patterns. The job-
hunting community primarily focuses on job task information exchange, with
a greater tendency toward information sharing. Factual content exchange
dominates, with frequent advice and opinion exchanges—consistent with other
virtual community research findings. However, virtual job-hunting commu-
nities have unique characteristics: root post authors more frequently share
personal job-hunting experiences, while responders more often directly request
instrumental and social network support from root post authors or provide
instrumental support to others. In emotional categories, both root post authors
and responders tend to show positive, friendly emotions to other job seekers,
attempting to adjust tense emotions and maintain a positive mindset to cope
with the intense job-hunting environment.

Root and response posts have different emphases. Beyond factual content ex-
change, root posts more frequently request advice and opinions, while response
posts directly request instrumental and social network support—likely because
responders have more specific request targets (root post authors or other re-
sponders), making it more feasible to obtain connections and direct help. In
information provision, root posts emphasize sharing personal experiences, while
response posts focus more on providing advice, opinions, or direct help. In emo-
tional categories, both root post authors and responders prefer showing positive,
friendly emotions.

4.1.2 Analysis of Job Seeker Interaction Processes by Topic The in-
teraction topic analysis framework yielded 5,274 meaning units, including 2,422
from root posts and 3,249 from response posts. As shown in Figure 2 [Figure 2:
see original paper], written tests/interviews dominate both root and response
posts (43% and 50% respectively), indicating users’greatest concern for this
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critical job-hunting stage that directly affects outcomes. Interaction content
covers all aspects including process, test content, experiences, results, progress,
materials, interview partners, and discussion groups. Offer/signing ranks sec-
ond (18% in both), mainly involving sharing offers and seeking advice on signing
decisions. Other topics receive less attention but remain relevant to some users.

To further explore interaction processes across topics, cross-tabulation analysis
was performed between topics and task information meaning units (emotional
exchange being topic-independent). Results reveal:

(1) Significant topic-specific interaction pattern differences. Personal
job status differs most from other topics, involving only factual data exchange
—primarily providing basic personal information.

In root posts, written tests/interviews, job-hunting experiences, and intern-
ship/work experiences all emphasize sharing personal experiences, showing sim-
ilar patterns: personal experience > facts > advice/opinion/instrumental sup-
port (with minor ordering differences) > social network/referral. Resume, career
planning, and offer/signing topics focus on requesting advice, with the latter two
showing nearly identical patterns: advice > facts > opinion > social network >
instrumental support/personal experience/referral. Resume topics additionally
request instrumental support and opinions, but rarely social network support.
Recruitment information, online applications, and company topics primarily in-
volve factual exchange.

In response posts, all topics except written tests/interviews show the top three
patterns: facts, opinions, and advice. Written tests/interviews additionally
involve requesting instrumental support such as test materials.

(2) Overall, factual, advice, and opinion exchanges are frequent across
topics. Personal experience and referral support are more often provided
than requested, indicating users’willingness to share experiences and resources.
The former mainly appears in online application, written test/interview, intern-
ship/work experience, and overall job-hunting experience posts, while the latter
appears in resume and company topics, recommending resume template web-
sites and suitable companies.

Social network and instrumental support are more frequently requested than
provided, revealing unmet community demand. Social network support appears
mainly in written test/interview, offer/signing, and company topics, seeking con-
nections for subsequent job-hunting activities. Instrumental support appears
primarily in online application, resume, and written test/interview topics, re-
questing materials or direct help for preparation.

4.2 Social Network Analysis Results

4.2.1 Overall Network Structure Analysis Network density reflects the
closeness of user connections—high density indicates frequent knowledge sharing
interactions [?]. The community network’s average density is only 0.0006, far
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below the 0.14 for public communities, 0.05 for hierarchical communities, and
0.004 for square-type communities reported in existing research [?]. The net-
work is extremely sparse, lacking widespread close connections, with many users
having loose interaction relationships. Figure 3 [Figure 3: see original paper]
visually shows the user reply network: most nodes have only one or two connec-
tions at the network periphery, while only a few nodes have many connections,
presenting a loose structure consistent with the density finding.

To verify information flow efficiency, complex network parameters “average
path length”and “clustering coefficient”were used to test for small-world ef-
fects through comparison with random networks having identical node and edge
counts. If the actual network’s average path length approximates the random
network’s while its clustering coefficient far exceeds it, the network exhibits
small-world effects [?]. Table 4 compares actual and three random networks,
confirming small-world effects. This means that although most users are not
closely connected, tightly-knit groups exist in local subnets. Meanwhile, any
two users can connect through an average of nearly 7.5 intermediaries, enabling
relatively fast information dissemination and convenient communication.

4.2.2 Network Centrality Analysis Analysis focuses on network central-
ization (group-level) and centrality (node-level). Network centralization mea-
sures the degree of network concentration toward the center, indicating reliance
on a few actors [?]. The community network’s out-degree centralization is
0.075% and in-degree centralization is 0.201%—both extremely low, indicating
poor network cohesion and no obvious centralization, instead showing clear“de-
centralization”with low and dispersed user participation. Average out-degree
and in-degree are both 1.141, with 92% and 89% of nodes having degree <3,
respectively, confirming low user activity and lack of highly influential users.

However, the network’s betweenness centralization is 14.07%, suggesting min-
imal possibility of individual nodes controlling resources and connections, with
relatively dispersed node relationships. Only 1.86% of users have relatively high
betweenness centrality (>1), serving as bridges connecting other users, while
73% of nodes have zero betweenness centrality, indicating most users remain at
the network periphery with poor information sharing.

Conclusions
Based on the above analysis:

(1) Job seekers’urgent psychological state significantly influences their
community participation. The job-hunting community network structure is
extremely loose, even far below square-type communities [?], with most users
showing low stickiness and activity. Despite small-world effects, overall network
cohesion is low, lacking enough highly influential and active core members to
ensure network stability.

chinarxiv.org/items/chinaxiv-202308.00296 Machine Translation

https://chinarxiv.org/items/chinaxiv-202308.00296


(2) Users have clear utilitarian purposes, focusing on sharing and seeking
job-related information and resources, supplemented by psychological support.
More users tend to share and provide various information and resources, partic-
ipating with positive attitudes.

(3) Factual information exchange is the primary interaction mode,
with frequent advice and opinion exchanges—consistent with other virtual com-
munity research. Virtual job-hunting communities have unique characteristics:
root post authors more frequently share personal job-hunting experiences, while
responders more often directly request instrumental and social network support
or provide instrumental support to others. The community shows imbalance in
social network and instrumental support (more seeking than providing), with
many users unable to obtain desired connections, resources, and direct help.

(4) Job-hunting complexity leads to diverse interaction topics, with
nearly half related to written tests/interviews—likely due to recruitment mar-
ket emphasis on this critical stage directly affecting outcomes. Different topics
show distinct interaction patterns: root posts on written tests/interviews, job-
hunting experiences, and internship/work experiences emphasize sharing per-
sonal experiences; resume, career planning, and offer/signing topics focus on
requesting advice; recruitment information, online applications, and company
topics primarily involve factual exchange. Response posts (except for written
tests/interviews) mainly exchange facts, opinions, and advice.

In summary, although virtual communities have become important venues for
job seekers to obtain and share job-hunting information and resources, growing
demand for job-related connections, physical resources, and direct services is not
adequately met by current community management models and platforms. Dif-
ferentiated interaction needs across topics are only roughly addressed through
board divisions, making effective satisfaction difficult. Meanwhile, most users
show low stickiness and activity, lacking sufficient core users to promote infor-
mation and resource dissemination, resulting in unmet personalized and diverse
interaction needs.

Therefore, communities should enhance social elements to facilitate relationship
building and social interaction among members, while establishing comprehen-
sive member management models and incentive systems. They should empha-
size core members while encouraging them to interact with others, promoting
active community participation.

References
[1] Chen Lin, Yuan Qinghong, Zhu Weimin. Current status and recommenda-
tions for corporate social recruitment: A survey of microblog and social website
recruitment [J]. Human Resources Development of China, 2013(3): 23-27.

[2] Jobvite infographic: The 2014 social recruiting survey [EB/OL]. [2015-01-20].
http://www.jobvite.com/resources/infographics/jobvite-infographic-the-2014-

chinarxiv.org/items/chinaxiv-202308.00296 Machine Translation

https://chinarxiv.org/items/chinaxiv-202308.00296


social-recruiting-survey.

[3] Yamkovenko B, Hatala JP. Feedback-seeking and social networking behav-
iors during job search: A conceptual model [J]. Human Resource Development
Review, 2014, 13(1): 102-124.

[4] Wang Xuefen, Zhu Qinghua, Zhao Yuxiang. Research progress on social
network behaviors for job hunting [J]. Information and Documentation Services,
2017(2): 90-99.

[5] Zhai Yujia, Zhang Xin, Wang Fang. User participation behaviors in online
health communities: A case study of the“Baidu Quit Smoking Bar”[J]. Library
and Information Service, 2017, 61(7): 75-82.

[6] McCormack A. Individuals with eating disorders and the use of online sup-
port groups as a form of social support [J]. CIN: Computers, Informatics, Nurs-
ing, 2009, 28(1): 12-19.

[7] Eichhorn KC. Soliciting and providing social support over the internet: An
investigation of online eating disorder support groups [J]. Journal of Computer-
Mediated Communication, 2008, 14(1): 67-78.

[8] Gan Yongcheng. Research on knowledge construction and collective intelli-
gence in virtual learning communities [D]. Shanghai: East China Normal Uni-
versity, 2004.

[9] Lucas M, Gunawardena CN, Moreira A. Assessing social construction of
knowledge online: A critique of the interaction analysis model [J]. Computers
in Human Behavior, 2014, 30(1-3): 574-582.

[10] Cutrona CE, Suhr JA. Controllability of stressful events and satisfaction
with spouse support behaviors [J]. Communication Research, 1992, 19(2): 154-
174.

[11] Pena-Shaff J, Wendy M, Geraldine G. An epistemological framework for
analyzing student interactions in computer-mediated communication environ-
ments [J]. Journal of Interactive Learning Research, 2001, 12(1): 41-68.

[12] Gunawardena CN, Lowe C, Anderson T. Analysis of a global online de-
bate and the development of an interaction analysis model for examining social
construction of knowledge in computer conferencing [J]. Journal of Educational
Computing Research, 1997, 17(4): 261-269.

[13] Li Y, He X, Hu D. Information seeking and sharing in virtual communi-
ties: A case study of Chinese IT professionals [C]// ASIS&T Annual Meeting:
Information Science with Impact: Research in and for the Community. Silver
Springs: American Society for Information Science, 2015: 1-10.

[14] O’Connor LG. Investors’information sharing and use in virtual communities
[J]. Journal of the American Society for Information Science & Technology, 2013,
64(1): 36-47.

chinarxiv.org/items/chinaxiv-202308.00296 Machine Translation

https://chinarxiv.org/items/chinaxiv-202308.00296


[15] Savolainen R. Providing informational support in an online discussion group
and a Q&A site: The case of Travel Planning [J]. Journal of the Association for
Information Science and Technology, 2015, 66(3): 450-461.

[16] Savolainen R.“Living encyclopedia”or idle talk? Seeking and providing con-
sumer information in an Internet newsgroup [J]. Library & Information Science
Research, 2001, 23(1): 67-90.

[17] Savolainen R. The structure of argument patterns on a social Q&A site [J].
Journal of the Association for Information Science & Technology, 2012, 63(12):
2536-2548.

[18] Liu Pei, Lin Rupeng. Knowledge sharing and dissemination behaviors in
the “Zhihu”online Q&A community [J]. Library and Information Knowledge,
2015(6): 109-119.

[19] Savolainen R. Requesting and providing information in blogs and internet
discussion forums [J]. Journal of Documentation, 2011, 67(5): 863-886.

[20] Chuang KY. Understanding user interaction patterns in health social media
[D]. Philadelphia: Drexel University, 2015.

[21] Rogers LE, Farace RV. Analysis of relational communication in dyads: New
measurement procedures [J]. Human Communication Research, 2010, 1(3): 222-
239.

[22] Bales RF. Interaction process analysis: A method for the study of small
groups [J]. Addison-Wesley, 1950, 68(2): 66-71.

[23] Courserais CK, Liu M. An analysis of social support exchanges in online
HIV/AIDS self-help groups [J]. Computers in Human Behavior, 2009, 25(4):
911-918.

[24] Pfeil U, Zaphiris P. Patterns of empathy in online communication [C]//
SIGCHI Conference on Human Factors in Computing Systems. New York:
ACM, 2007: 919-928.

[25] Rourke L, Anderson T. Validity in quantitative content analysis [J]. Edu-
cational Technology Research & Development, 2004, 52(1): 5-18.

[26] Zaphiris P, Ang CS. Introduction to social network analysis [C]// British
HCI Group Conference on People and Computers: HCI. Swindon: BCS Learn-
ing & Development Ltd, 2007: 231-232.

[27] Daniel BK, McCalla GI, Schwier RA. Social network analysis techniques:
Implications for information and knowledge sharing in virtual learning commu-
nities [J]. Inderscience Publishers, 2008, 2(1): 20-34.

[28] Celak KL, Sicilia MÁ, Sánchez S. Social network analysis in e-learning envi-
ronments: A preliminary systematic review [J]. Educational Psychology Review,
2015, 27(1): 219-246.

chinarxiv.org/items/chinaxiv-202308.00296 Machine Translation

https://chinarxiv.org/items/chinaxiv-202308.00296


[29] Si Xiameng, Liu Yun. Statistical analysis of interpersonal interaction be-
haviors in virtual communities [J]. Acta Physica Sinica, 2011, 60(7): 859-866.

[30] Grob LM, Meyers RA, Schuh R. Powerful/powerless language use in group
interactions: Sex differences or similarities? [J]. Communication Quarterly,
1997, 45(3): 282-303.

[31] Becks JS, Paskewitz EA, Anderson WA, et al. The task and relational
dimensions of online social support [J]. Health Communication, 2017, 32(3):
347-355.

[32] He Zhen, Zhao Yan, Zou Feng. Research and application of attribute mea-
surement system analysis methods [J]. Industrial Engineering, 2008, 11(1): 82-
85.

[33] Gu Bin, Xu Jing, Huang Jialiang. Research on user classification models in
professional virtual communities [J]. Journal of Intelligence, 2014(5): 203-206.

[34] Zhang Yu. Social interaction domains in BBS cyberspace: A case study of
Shuimu Community [J]. Youth Studies, 2007(8): 22-29.

[35] Lin Min, Li Nan, Ji Xu. Analysis and verification of small-world charac-
teristics in R&D team knowledge exchange networks [J]. Journal of the China
Society for Scientific and Technical Information, 2010, 29(4): 732-736.

[36] Watts DJ, Strogatz SH. Collective dynamics of‘small-world’networks [J].
Nature, 1998, 393(6684): 440-442.

[37] Gao Wenlong, Cui Lei. Analysis of scale-free and small-world properties in
co-occurrence networks of major MeSH terms versus all MeSH terms in MED-
LINE [J]. Chinese Journal of Medical Library and Information Science, 2015,
24(10): 65-71.

[38] Wang Weifu, Zhong Zhixian. Social network analysis of friend links in blog
communities: A case study of ScienceNet blog community [J]. Modern Distance
Education, 2010(5): 55-59.

Author Contributions
Wang Xuefen: Coding framework determination, data coding, statistical anal-
ysis, and paper writing;
Zhu Qinghua: Theoretical foundation construction and paper revision;
Chang Liyan: Coding framework determination and data coding;
Guo Lili: Data coding;
Tong Hu: Data crawling and cleaning.

Note: Figure translations are in progress. See original paper for figures.

Source: ChinaXiv —Machine translation. Verify with original.

chinarxiv.org/items/chinaxiv-202308.00296 Machine Translation

https://chinarxiv.org/items/chinaxiv-202308.00296

	Characteristics of User Interaction Behavior in Virtual Job-Seeking Communities: A Case Study of the Fresh Graduate Job-Seeking Forum (Postprint)
	Abstract
	Full Text
	Preamble
	Abstract
	2. Related Research on Group Interaction Behaviors in Virtual Communities
	2.1 Current Status of Research on Virtual Community Group Interaction Behaviors
	2.2 Main Research Methods for Virtual Community Group Interaction Behaviors

	3. Research Design
	3.1 Research Object Selection
	3.2 Research Methods and Process

	4. Research Results and Analysis
	4.1 Content Analysis Results
	4.2 Social Network Analysis Results

	Conclusions
	References
	Author Contributions


