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Abstract
[Purpose/Significance] This study investigates the process, mechanism, and safe-
guard of enterprise knowledge coupling under the ambidextrous innovation bal-
ance strategy, providing a new perspective for promoting enterprise knowledge
innovation. [Method/Process] Based on knowledge coupling and ambidextrous
innovation theory, we construct a knowledge coupling model grounded in the
ambidextrous innovation balance strategy, reveal the mechanism of knowledge
coupling, and propose safeguard measures for enterprise knowledge coupling.
[Results/Conclusions] Both original domain knowledge and new domain knowl-
edge are crucial factors for enterprise knowledge innovation. The enterprise
knowledge coupling process comprises four stages: knowledge search, knowledge
association, knowledge fusion, and knowledge storage. The balance between orig-
inal domain knowledge coupling and new-old domain knowledge coupling is key
to achieving knowledge innovation under the ambidextrous innovation strategy.

Full Text
Preamble
Enterprise Knowledge Coupling Under Ambidextrous Innovation
Balance Strategy Lu Yanqiu, Song Chang, Wang Xiangyang

School of Management, Jilin University, Changchun 130022

Abstract: [Purpose/Significance] This study examines the process, mecha-
nism, and safeguards of enterprise knowledge coupling under an ambidextrous
innovation balance strategy, providing a new perspective for promoting enter-
prise knowledge innovation. [Method/Process] Based on knowledge coupling
and ambidextrous innovation theory, we construct a knowledge coupling model
grounded in ambidextrous innovation balance strategy, reveal the knowledge
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coupling mechanism, and propose safeguard measures for enterprise knowledge
coupling. [Result/Conclusion] Both original domain knowledge and new do-
main knowledge are crucial factors for enterprise knowledge innovation. The
enterprise knowledge coupling process comprises four stages: knowledge search,
knowledge association, knowledge fusion, and knowledge storage. The balance
between original domain knowledge coupling and new-old domain knowledge
coupling is key to achieving knowledge innovation under an ambidextrous inno-
vation strategy.

Keywords: ambidextrous innovation balance strategy; knowledge coupling pro-
cess; knowledge coupling mechanism; industrial internet platform
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In the digital information era, knowledge accessibility has significantly in-
creased, and leveraging digital technology to drive knowledge innovation
represents an inexorable trend for enterprises. Following consumer internet
platforms, enterprise-centered industrial internet platforms have integrated dig-
ital technology with corporate innovation and production, helping to enhance
innovation quality and efficiency [1]. However, the current digitalization level
of Chinese industrial enterprises remains generally low, making research on
knowledge innovation within the industrial internet platform context valuable
for improving Chinese industrial enterprises’ innovation capabilities. While
digital technology empowers enterprise innovation, it also intensifies market
competition. With limited resources, enterprises face difficult choices between
short-term innovation strategies for survival and long-term strategies for
development. In practice, numerous enterprises have made erroneous decisions
leading to business failure. Successful market players consistently adjust
the proportion of different innovation strategies according to environmental
changes, making the adoption of an ambidextrous innovation balance strategy
that balances short-term incremental and long-term breakthrough innovation
a critical prerequisite for sustained innovation [2]. Moreover, strategy im-
plementation is as important as strategy formulation for achieving strategic
objectives. Many enterprises fail strategically despite adopting an ambidextrous
innovation balance strategy due to poor implementation and weak grasp of
the knowledge innovation process. Therefore, studying knowledge coupling
under the ambidextrous innovation balance strategy within the industrial
internet platform context holds practical significance for enhancing enterprise
innovation capabilities and competitiveness.

Current research on knowledge coupling has made progress but still exhibits limi-
tations. First, existing studies primarily focus on inter-organizational knowledge
coupling within innovation networks, with little attention to knowledge coupling
under a single enterprise’s ambidextrous innovation balance strategy [3-6]. Re-
search on knowledge coupling in innovation networks emphasizes knowledge
transfer among different knowledge actors, whereas knowledge coupling under
an ambidextrous innovation balance strategy focuses on the micro-process of
new knowledge creation. Consequently, existing research inadequately explains
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the knowledge coupling process in this context. Second, most studies treat
knowledge coupling as a whole without analyzing its constituent stages [7-9].
Unclear stage division hinders in-depth investigation of each stage’s mechanism
and prevents opening the “black box” of the coupling process. Third, existing re-
search lacks consensus on knowledge coupling dimension classification and offers
limited investigation of interactions among different dimensions [10-12]. This
deficiency prevents effective guidance for knowledge innovation practice under
an ambidextrous innovation balance strategy.

Research on ambidextrous innovation balance strategy and its influence on
knowledge innovation processes holds practical significance for enhancing en-
terprise competitiveness. Enterprise innovation involves numerous knowledge
branches, and studying innovation processes requires acknowledging differences
arising from inter-domain variations. This necessitates a dynamic model that
integrates and reconstructs knowledge across different domains to transform the
knowledge base and achieve innovation—namely, knowledge coupling. In sum-
mary, this paper constructs an enterprise knowledge coupling model within the
industrial internet platform context, drawing on knowledge management and
ambidextrous innovation theory. Following the “knowledge search—knowledge
association—knowledge fusion—knowledge storage” paradigm, we explore the
knowledge coupling model and mechanism and propose safeguard measures to
help enterprises leverage industrial internet platforms to improve knowledge
management and enhance market competitiveness.
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1. Related Concepts and Theory
1.1 Knowledge Coupling Concept

Knowledge coupling refers to the process in which knowledge elements from
two or more technical domains integrate, permeate, and interconnect through
mutual interaction to form new knowledge [13]. Knowledge coupling reflects en-
terprises’ actions to associate and combine knowledge across different technical
domains, exhibiting subjective and dynamic characteristics. Existing research
classifies knowledge coupling based on knowledge types, with knowledge manage-
ment literature offering three primary classifications: (1) by knowledge source,
such as external versus internal knowledge or individual versus organizational
knowledge; (2) by knowledge attributes, such as explicit versus tacit knowledge
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or homogeneous versus heterogeneous knowledge; and (3) other domain-specific
classifications, such as scientific, market, and supply chain knowledge based on
specialization [14]. Knowledge coupling research primarily focuses on knowledge
across different domains, emphasizing analysis of distinct domain characteristics
and their effects during the coupling process. Within industrial internet plat-
forms, enterprises can access both industry-specific domain knowledge and cross-
industry new domain knowledge. Drawing on Yayavaram et al.’s research, this
paper categorizes knowledge involved in coupling as original domain knowledge
and new domain knowledge. Original domain knowledge belongs to the same
or similar domains as the enterprise’s existing knowledge, while new domain
knowledge originates from entirely different domains.

Classification of knowledge coupling based on knowledge types remains incon-
sistent in existing research. Yao Yanhong et al. classify knowledge coupling
as complementary or substitutive based on enterprise-owned knowledge [15],
ignoring knowledge domain attributes. Yu Fei et al. propose classification by
knowledge domains: coupling within the original knowledge domain and cou-
pling between new and old domains [16]. The former refers to new knowledge
creation through knowledge coupling within existing business domains, while
the latter involves introducing new domain knowledge to couple with existing
domain knowledge for new knowledge creation. This study adopts Yu Fei’s clas-
sification to investigate the processes and mechanisms of these two knowledge
coupling types.

1.2 Ambidextrous Innovation Balance Strategy

To adapt to complex and dynamic market environments, enterprises must de-
velop ambidextrous capabilities—the ability to seize current opportunities while
making correct judgments about the future [17]. The former relies on incremen-
tal innovation, while the latter depends on breakthrough innovation. Ambidex-
trous innovation balance strategy refers to strategic activities where enterprises
simultaneously pursue incremental and breakthrough innovation, seeking com-
plementary effects between the two innovation types to achieve sustained inno-
vation [18]. Compared with single innovation strategies, ambidextrous strategic
combinations highlight the synergistic and complementary relationship between
incremental and breakthrough innovation, facilitating knowledge innovation.
Most existing literature supports the ambidextrous balance strategy perspec-
tive (Uotila et al. [19], He et al. [20]), emphasizing that enterprises must balance
short-term survival and long-term development [21].

The balance between incremental and breakthrough innovation manifests in two
forms: interaction and matching [22]. First, the interaction effect means the two
types mutually promote innovation implementation. Incremental innovation en-
ables enterprises to continuously exploit new knowledge and technologies gener-
ated through breakthrough innovation, establishing and strengthening compet-
itive advantages in new markets. Simultaneously, accumulated knowledge and
technology from incremental innovation help enterprises identify new directions
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and increase breakthrough innovation success rates, thereby positively reinforc-
ing breakthrough innovation effects. Conversely, new skills or knowledge from
breakthrough innovation can be applied to existing markets, improving incre-
mental innovation efficiency and effectiveness. Thus, breakthrough innovation
also supports and promotes incremental innovation. Second, the matching effect
concerns how the proportion between the two innovation types affects innovation
outcomes. Existing research shows that focusing exclusively on either innovation
strategy may hinder innovation activities, so enterprises should balance inter-
nal weights within the ambidextrous innovation strategy to avoid falling into
“failure traps” or “success traps” due to imbalance. However, the effectiveness
of ambidextrous innovation balance strategy primarily depends on the enter-
prise’s knowledge innovation process, making research on different knowledge
types and their balancing mechanisms during innovation crucial.

2. Enterprise Knowledge Coupling Under Ambidextrous
Innovation Balance Strategy
2.1 Knowledge Coupling Process

This paper employs literature research to analyze knowledge coupling-related
achievements and explore the enterprise knowledge coupling process. The cou-
pling principle was first applied by K.E. Weick to explain economic phenomena
[23] and later extended to knowledge management. As previously stated, knowl-
edge coupling aims at knowledge innovation. Knowledge search serves as an im-
portant antecedent influencing knowledge acquisition and utilization to promote
knowledge innovation [24]; therefore, this paper considers knowledge search as
the prerequisite for knowledge coupling. S. Yayavaram [13] notes that universal
interdependence exists among knowledge elements, and coupling degree reflects
knowledge synergy. Building on this, S. Yayavaram and W. Chen [9] propose
that knowledge coupling represents the connection degree between knowledge
elements from two domains—stronger logical relationships yield stronger cou-
pling. G.H. Wang and L.Y. Yu similarly argue that knowledge coupling depends
on knowledge matching degree [25]. Thus, knowledge association constitutes a
crucial coupling stage, with association effects influencing coupling outcomes,
as Wu Huawei et al. also demonstrate using regional economic data [26].

As a practical form of knowledge innovation, knowledge coupling’s core stage is
new knowledge creation. Considering the highly abundant knowledge sources in
industrial internet platforms, this core stage should meet requirements for creat-
ing new knowledge through aggregating and reasoning various knowledge types
[27], which aligns with knowledge fusion functions. Broad knowledge fusion en-
compasses not only the fusion process but also the pre-fusion stage involving
knowledge merging and unification [28], functionally consistent with knowledge
association’s encoding and categorization. Therefore, the knowledge association
stage lays the foundation for knowledge fusion. The knowledge fusion stage
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achieves knowledge innovation, enriching the enterprise knowledge base. Enter-
prises select knowledge from this base to solve specific problems [29]. Moreover,
knowledge entering the base can participate in new coupling cycles as internal
knowledge, supporting enterprise knowledge search. Consequently, knowledge
storage represents the final stage of the knowledge coupling process. Figure
1 [Figure 1: see original paper] illustrates the enterprise knowledge coupling
process.

2.2 Knowledge Coupling Model Construction Under Ambidextrous
Innovation Balance Strategy

According to strategic innovation theory, enterprises adjust innovation strate-
gies in response to environmental changes, achieving survival and development
through dynamic balance between incremental and breakthrough innovation.
As the practical process of ambidextrous innovation balance strategy, knowl-
edge coupling extends its internal interaction and matching effects. Following
the ambidextrous innovation classification, this paper divides the knowledge
coupling process under ambidextrous innovation balance strategy into dual pro-
cesses: original domain knowledge coupling and new-old domain knowledge
coupling. Original domain knowledge coupling involves closely related, homo-
geneous knowledge that promotes improvements in existing products and ser-
vices, playing a vital role in achieving incremental innovation strategic goals.
Conversely, new-old domain knowledge coupling involves collisions and combina-
tions between external new domain knowledge and existing knowledge, enhanc-
ing single knowledge’s value or effect [30]. With greater knowledge distance,
new-old domain knowledge coupling optimizes the enterprise’s knowledge base,
helps explore new business spaces, and achieves breakthrough innovation strate-
gic goals. To deeply investigate how different knowledge coupling types affect
knowledge innovation, H.H. Chen et al. recently empirically studied the impact
of these two coupling types on exploratory and exploitative innovation [12].

The knowledge search stage, guided by ambidextrous innovation strategic needs,
seeks and acquires knowledge from different domains, involving both external
environment and internal knowledge base knowledge. The knowledge associa-
tion stage unifies this knowledge according to ambidextrous innovation goals,
forming corresponding association sets. Internal knowledge provides alterna-
tive association objects, improving association effects and laying the foundation
for knowledge fusion. The knowledge fusion stage, as the core coupling stage,
creates new knowledge based on ambidextrous innovation goals through inte-
grated transformation and derivative processing of existing knowledge, forming
new knowledge sets. The ultimate goal of knowledge innovation is application,
and knowledge storage provides the platform for post-innovation knowledge ap-
plication. New knowledge 沉淀 s back into the enterprise knowledge base after in-
ternal application, supporting strategic decision-making, knowledge search, and
association options. External sharing creates new external knowledge through
other entities’ innovation processes, becoming sources for subsequent coupling
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cycles. Internal and external knowledge updates thus establish the foundation
for new coupling cycles. Figure 2 [Figure 2: see original paper] presents the
knowledge coupling model under ambidextrous innovation balance strategy.

3. Enterprise Knowledge Coupling Under Ambidextrous
Innovation Balance Strategy
This section aims to explore the micro-process of enterprise knowledge coupling
under ambidextrous innovation balance strategy. Through literature review
and analysis, we construct a knowledge coupling model under ambidextrous
innovation balance strategy, dividing the knowledge coupling process into stages
to lay the foundation for further mechanism investigation.

3.1 Knowledge Search Stage

Knowledge search refers to strategic behaviors where enterprises effectively se-
lect and successfully acquire external knowledge sources amid environmental
changes. This paper divides the knowledge search stage into original domain
knowledge search and new domain knowledge search. The fluctuating digital
information era intensifies market competition, making environmental change
perception and innovation strategy adjustment the first steps toward knowledge
innovation. Enterprises then search for and acquire external knowledge based
on innovation needs. Leveraging industrial internet platforms, enterprises can
expand knowledge sources to include upstream/downstream firms, lead users,
academic institutions, government agencies, and cross-domain partners, pro-
viding multi-domain knowledge resources. These resources enter enterprises
through external interaction ports, are digitized and stored in enterprise knowl-
edge bases, and are temporarily classified as original or new domain knowledge
based on enterprise-owned knowledge standards.

Enterprise strategic needs not only influence knowledge search objectives but
also extend their ambidextrous balance to the knowledge search stage, requiring
balance between original and new domain knowledge search through interaction
and matching effects. Regarding interaction effects, original domain knowledge
search incurs lower costs, facilitating external knowledge absorption and pro-
moting qualitative transformation through continuous quantitative accumula-
tion [31]. New domain knowledge search prevents myopia from domain fixation,
introduces heterogeneous knowledge, and promotes new product development
[32]. Original domain knowledge search enhances existing knowledge stock and
levels, providing foundations and direction for new domain search. Conversely,
new domain search expands search scope, increasing original domain search
space and providing more channels for acquiring related knowledge. Regarding
matching effects, original and new domain knowledge search must maintain pro-
portional balance. Excessive original domain search creates “core rigidity,” lacks
new knowledge, reduces opportunities for new domain search, diminishes envi-
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ronmental change awareness, and increases innovation uncertainty risks. New
domain search targets are relatively dispersed; over-implementation causes tar-
get loss and high search costs due to broad scope. Therefore, only by reasonably
balancing dual knowledge search weights can enterprises optimize interaction ef-
fects, acquire more external knowledge, and create foundations for knowledge
innovation. Figure 3 [Figure 3: see original paper] illustrates the knowledge
search stage mechanism under ambidextrous innovation balance strategy.

3.2 Knowledge Association Stage

Knowledge association refers to relationships and connections among knowledge
elements, representing the behavior and state of making implicit associations ex-
plicit due to internal or external logical connections in knowledge management
and innovation activities. Continuing the dual classification from the search
stage, knowledge association divides into original domain and new-old domain
knowledge association, corresponding consistently with search results. Knowl-
edge obtained through search varies in source and level, with knowledge gran-
ularity differences typically manifested in users, texts, topics, and terms. Both
same-granularity and cross-granularity knowledge exhibit complex relationships,
creating obstacles for knowledge association [33]. Therefore, the primary step in
knowledge association is unifying knowledge unit structures, extracting themes
and classifying multi-granularity knowledge, then encoding these heterogeneous
categories to form structured knowledge across dual domains, including struc-
tured, semi-structured, and unstructured knowledge. After unified classification
and encoding, knowledge association employs logic-based algorithms to calculate
relationships, making logical connections explicit.

Logical relationships can be categorized as explicit or implicit. Explicit logic
primarily involves classification and causality, while implicit logic manifests as
high-frequency co-occurrence [34]. Association algorithms are set based on these
logical relationships, with common types including affiliation, intersection, co-
occurrence, and coupling relationships [35]. Original domain knowledge asso-
ciation involves close knowledge distance, mainly comprising affiliation and co-
occurrence associations. New-old domain knowledge association involves distant
knowledge, primarily comprising intersection and coupling associations.

Consistent with the dual balance effects in the search stage, knowledge associa-
tion’s dual balance manifests through interaction and matching effects. Interac-
tion effects enable original domain association to expand basic algorithms’ scope
and accumulate experience for new-old domain association algorithm develop-
ment. New-old domain association explores new algorithm effects and expands
space for original domain association algorithms. Regarding matching effects,
excessive focus on one association type reduces the other’s effectiveness, weaken-
ing interaction effects and undermining subsequent coupling stages’ dual balance
foundation. Therefore, enterprises should balance original and new-old domain
knowledge association weights to achieve optimal effects. Figure 4 [Figure 4:
see original paper] illustrates the knowledge association stage mechanism.
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3.3 Knowledge Fusion Stage

Mainstream literature defines knowledge fusion as more than simple multi-
source heterogeneous data integration, with the most significant characteristic
being new knowledge generation [36]. Most knowledge fusion research adopts a
knowledge element perspective, converting various knowledge types into knowl-
edge elements as the fusion foundation, then using algorithms and rules to fuse
them into usable new knowledge [37]. Drawing on this approach, this paper
divides knowledge fusion into pre-fusion, fusion, and post-fusion stages. The
pre-fusion stage aims to form uniformly standardized valid meta-knowledge sets
through knowledge acquisition and standardization, realized in the knowledge
search and association stages. Valid knowledge elements enter the fusion pro-
cess, interacting and permeating based on fusion algorithms that undergo com-
parison, merging, and coordination to achieve integrated transformation. Fu-
sion algorithms, supported by digital technology, constitute key support and
guarantee for knowledge fusion, with mainstream methods including Bayesian
methods and D-S evidence theory. Fusion algorithms are influenced by fusion
rules, which are determined by innovation needs derived from enterprise strate-
gic objectives. Thus, enterprise innovation strategy clarifies innovation needs,
which determine fusion rules, influence fusion algorithms, and ultimately affect
the core knowledge fusion stage. The post-fusion stage organizes and manages
new knowledge, which enters the knowledge space after stable precipitation and
testing.

New knowledge’s specific application attributes remain immature at this stage.
Based on innovation needs, derivative knowledge processing forms new knowl-
edge sets meeting innovation requirements, including original domain and new-
old domain fusion products. Consistent with previous stages’ dual balance ef-
fects, knowledge fusion’s dual balance also manifests through interaction and
matching effects. Interaction effects primarily optimize the fusion rule library:
original domain fusion strengthens existing rules and explores new ones, while
new-old domain fusion expands new rules and guides existing rule development.
Matching effects require balancing original and new-old domain fusion weights
to avoid weakening interaction effects and failing to meet ambidextrous innova-
tion strategic knowledge needs. Figure 5 [Figure 5: see original paper] illustrates
the knowledge fusion stage mechanism.

3.4 Knowledge Storage Stage

Existing literature has thoroughly studied knowledge storage, such as dividing
knowledge transformation cycles into storage, activation, and transformation
stages, where knowledge storage refers to adding and preserving new knowl-
edge used by individuals, teams, or organizations in existing knowledge units
[38]. Original domain knowledge fusion primarily generates incremental inno-
vation knowledge, while new-old domain fusion mainly produces breakthrough
innovation knowledge. Knowledge storage represents the final coupling stage,
where newly formed knowledge enters enterprise storage systems and gradually
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assimilates into enterprise-owned knowledge, enriching the knowledge base and
expanding the knowledge foundation. Enterprise knowledge storage systems
can be divided into physical storage and organizational memory [39]. Physi-
cal storage stores knowledge in visible physical media like files, computers, and
databases, constituting explicit knowledge. Organizational memory resides in in-
dividual, team, or organizational cognition and experience, representing cumula-
tive knowledge sets acquired through learning and constituting tacit knowledge.
Explicit storage has become the primary new knowledge storage method due to
its convenience, while tacit storage requires organizational learning.

Consistent with previous stages’ dual balance effects, knowledge storage’s dual
balance manifests through interaction and matching effects. Interaction effects
show that incremental innovation knowledge involves smaller leaps from existing
knowledge, enabling rapid spiral ascent between explicit and tacit knowledge [41]
and faster innovation frequency. Storing incremental innovation knowledge facil-
itates continuous knowledge base expansion, accumulating knowledge for break-
through innovation. Breakthrough innovation knowledge involves larger leaps
and slower innovation frequency but can expand new space for the knowledge
base, opening new paths for incremental innovation. The complementary rela-
tionship between knowledge span size and innovation frequency ensures steady
knowledge innovation development. Matching effects require balancing incre-
mental and breakthrough innovation knowledge storage weights to avoid weak-
ening interaction effects and failing to meet ambidextrous innovation strategic
needs. Figure 6 [Figure 6: see original paper] illustrates the knowledge storage
stage mechanism.

4. Enterprise Knowledge Coupling Safeguard Measures
Enterprise knowledge coupling via industrial internet platforms does not occur
in isolation but is embedded in internal and external environments. Factors
influencing knowledge coupling exist not only within the process but also in
pre- and post-coupling environments. To ensure smooth knowledge coupling,
this paper proposes safeguard measures from three perspectives: external re-
lationships and internal strategy before coupling, digital empowerment during
coupling, and intellectual property protection after coupling.

Pre-coupling factors primarily include external knowledge actors and enterprise
innovation strategy. As main knowledge sources, ensuring smooth knowledge
channels with these actors is crucial for maintaining external knowledge avail-
ability. Specifically, enterprises should: (1) build carriers connecting external
knowledge actors, such as establishing innovation alliances, digital platforms,
and online communities to enhance cooperation; and (2) establish internal-
external knowledge sharing mechanisms based on equality and mutual bene-
fit to strengthen knowledge transfer willingness. Regarding enterprise innova-
tion strategy, as previously discussed, ambidextrous innovation balance strat-
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egy ensures sustained innovation. Specifically, enterprises need: (1) effective
innovation strategy decision-making systems that guide knowledge innovation
according to environmental changes; and (2) strengthened implementation and
supervision to ensure complete, orderly innovation processes.

The four coupling stages have distinct functions: knowledge search focuses on
acquiring massive heterogeneous knowledge; knowledge association emphasizes
unified encoding and correlation analysis; knowledge fusion centers on develop-
ing and applying fusion rules and algorithms; and knowledge storage focuses on
rapidly integrating new knowledge into enterprise knowledge systems. These
challenges reflect digital-era knowledge management characteristics—leveraging
digital technology to develop and utilize massive, diverse, heterogeneous knowl-
edge. Therefore, digital technology empowerment is crucial. As the optimal
carrier for embedding digital technology in enterprise innovation, industrial in-
ternet platforms’ functional construction facilitates digital empowerment, such
as building multi-channel online knowledge interaction ports, multi-actor col-
laborative innovation networks, and distributed knowledge storage and sharing.
Additionally, enterprises should adopt innovation-friendly organizational struc-
tures and mechanisms that clarify responsibilities and authorities for internal
employees and external partners, activating micro-actor effectiveness across cou-
pling stages and promoting target achievement.

Post-fusion stages primarily involve new knowledge application. In competi-
tive digital markets, commercially valuable new knowledge is fundamental for
maintaining competitiveness, requiring effective intellectual property protection
systems. First, establish dedicated intellectual property departments with inter-
nal and external functions: external maintenance and internal management of
intellectual property. Second, develop suitable intellectual property systems to
regulate related behaviors and strengthen protection internally and externally.
Finally, enhance employee intellectual property awareness through laws and
regulations to prevent knowledge loss from personnel turnover. In summary, es-
tablishing an intellectual property system is crucial for safeguarding innovation
application efficiency and reducing redundant innovation pressure.

5. Conclusion and Outlook
Implementing an ambidextrous innovation balance strategy is an important
pathway for enterprises to achieve sustained innovation. This paper analyzes the
knowledge innovation process from the enterprise knowledge coupling perspec-
tive, innovatively proposes a knowledge coupling model under ambidextrous
innovation balance strategy, explores mechanism differences between original
domain and new-old domain knowledge coupling, and extends research on safe-
guard mechanisms. Key conclusions include:

(1) Enterprise knowledge coupling comprises four stages: knowledge search,
knowledge association, knowledge fusion, and knowledge storage. The
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knowledge search stage enables enterprises to absorb external heteroge-
neous multi-domain knowledge through modern digital technology, inno-
vation alliances, and user communities. The knowledge association stage
encodes acquired knowledge, uses association algorithms to identify po-
tentially innovative combinations, and forms the basis for knowledge fu-
sion. The knowledge fusion stage drives further penetration of associated
knowledge, producing new knowledge meeting innovation goals through
fusion algorithms. The knowledge storage stage integrates newly gener-
ated knowledge into enterprise storage systems, continuously expanding
the knowledge base through explicit-tacit knowledge interaction.

(2) Based on differences in knowledge sources, we classify coupling between ex-
ternal and enterprise-owned knowledge into original domain and new-old
domain knowledge coupling, exploring their distinct processes and effects.
Original domain knowledge coupling involves external knowledge similar
to enterprise-owned knowledge, with close knowledge distance, small leaps,
and support for incremental innovation (e.g., product upgrades). New-old
domain knowledge coupling involves external knowledge substantially dif-
ferent from enterprise-owned knowledge, with distant knowledge distance,
large leaps, and support for breakthrough innovation (e.g., new product
development).

(3) Integrating the ambidextrous innovation balance strategy process, we con-
struct a knowledge coupling model that embeds interaction and match-
ing effects throughout knowledge search, association, fusion, and storage
stages. This dual effect extends throughout the entire coupling process,
optimizing each stage’s effectiveness and ensuring strategy implementa-
tion.

Limitations remain: Theoretically, while our internal knowledge coupling model
offers insights for knowledge management theory, it emphasizes theoretical ex-
ploration. Future research should quantitatively analyze strategy change im-
pacts on knowledge coupling and apply the model to enterprise case studies for
validation and optimization. Practically, although we address digital technol-
ogy’s role in process, mechanism, and safeguards, we have not deeply embedded
the coupling process within industrial internet platforms’ physical architecture.
Future research should strengthen interdisciplinary integration between knowl-
edge management and information engineering to better serve enterprise inno-
vation practice.
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Enterprise Knowledge Coupling Under the Role of Ambidextrous In-
novation Strategy Balance Lu Yanqiu Song Chang Wang Xiangyang School
of Management, Jilin University, Changchun 130022

Abstract: [Purpose/significance] This paper studies the process, mechanism
and safeguards of enterprise knowledge coupling under the ambidextrous Inno-
vation strategy balance, which provides a new perspective for promoting the
enterprise knowledge innovation. [Method/process] Under the knowledge cou-
pling and ambidextrous Innovation theory, a knowledge coupling process model
based on ambidextrous Innovation strategy balance was constructed, the mech-
anism of knowledge coupling was clarified, and the safeguard measures were put
forward. [Result/conclusion] Both the original domain knowledge and the new
domain knowledge are important factors in the knowledge innovation. The inter-
nal knowledge coupling is divided into four stages: knowledge search, knowledge
association, knowledge fusion and knowledge storage. The balance between the
original domain knowledge coupling and the new domain knowledge coupling is
the key to realize knowledge innovation.

Keywords: ambidextrous innovation strategy balance; knowledge coupling pro-
cess; knowledge coupling mechanism; industrial Internet platform

Note: Figure translations are in progress. See original paper for figures.
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