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Abstract
[Purpose/Significance] This study investigates the psychological mechanisms
through which personal health information management technology, based on
intelligent wearable health products, promotes users’ health behaviors.

[Method/Process] Grounded in the Stimulus-Organism-Response theoretical
framework, a path model is established to illustrate how technical elements
of intelligent wearable health products influence health behaviors via user
psychological variables. Using smart bracelet users as the survey population,
data were collected through questionnaires and analyzed using partial least
squares structural equation modeling to validate the proposed theoretical
model.

[Results/Conclusions] The data management and social interaction functional-
ities of intelligent wearable health products promote users’ health behaviors
through inspiration and empowerment. Additionally, the behavior control func-
tion enhances users’ health behaviors through empowerment. Based on these
findings, the paper discusses theoretical contributions and practical implications
for the field of personal health information management, particularly regarding
research on intelligent wearable health products.
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Abstract:
[Purpose/Significance] This study investigates the psychological mechanisms
through which personal health information management (PHIM) technologies
promote user health behavior, focusing on smart wearable health products.
[Method/Process] Grounded in the stimulus-organism-response theoretical
framework, we propose a path model in which technical elements of smart
wearable health products influence health behavior through user psychological
variables. Using smart wristband users as survey respondents, we collected
data through questionnaires and validated the proposed theoretical model using
partial least squares structural equation modeling. [Result/Conclusion] The
data management and social interaction functions of smart wearable health
products promote user health behavior through inspiration and empowerment.
Additionally, behavior control functions promote user health behavior through
empowerment. Based on these findings, we discuss theoretical contributions
and practical implications for the PHIM field, particularly regarding smart
wearable health product research.
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1. Introduction

Personal information management research aims to understand the various be-
haviors surrounding individual information and address related problems [1]. In
recent years, with the global rise of chronic diseases and increasing public health
awareness, personal health information management (PHIM) research has gar-
nered widespread attention from both academia and industry [2]. Currently,
PHIM research is in the conceptualization stage [3]. Most existing studies have
employed qualitative methods to investigate PHIM needs and characteristics
across different populations (e.g., A. Turner et al. [2], Y. Feng et al. [5]), with
limited research exploring the mechanisms through which PHIM influences in-
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dividual health behavior [6]. Compared to qualitative research, quantitative
methods can analyze large-scale samples, overcome researcher subjectivity, and
yield more generalizable conclusions. Therefore, this study adopts a quantita-
tive approach to explore the theoretical explanations for how PHIM promotes
individual health behavior, thereby extending and deepening existing PHIM
research.

PHIM technology refers to information tools that support PHIM activities. In
recent years, with the proliferation of mobile internet and advances in health
information technology, consumer-oriented PHIM technologies have emerged
[2], providing a broad practical foundation for PHIM research. Among these,
smart wearable health products (SWHP) have developed rapidly, with leading
technology companies such as Google, Apple, Xiaomi, and Huawei launching
smart wristband products with health-related functions.

SWHP provide unprecedented support for consumers to engage in PHIM ac-
tivities, 主要体现在四个方面: First, SWHP automatically monitor and record user
health-related parameters through integrated biosensors, reducing the burden of
health information collection. Second, SWHP employ intelligent algorithms to
process sensor data and output meaningful health information, such as activity
levels, energy expenditure, heart rate, and sleep patterns, providing technical
support for users to analyze their health status. Third, SWHP typically support
users in setting health behavior goals and provide feedback or virtual rewards
based on goal achievement. Fourth, SWHP support users in forming or joining
communities for health information sharing and exchange.

However, statistics show that over one-third of consumers abandon SWHP
within months of purchase [8]. This widespread discontinuance has led some
scholars to question whether SWHP can effectively promote user health behav-
ior and whether the SWHP industry can sustain its development [9]. Therefore,
investigating whether and how SWHP can promote user health behavior change
is crucial for the continued prosperity of the SWHP industry.

A. Chib et al. [10-11] propose that mobile health research (including SWHP)
has evolved through three stages: input-mechanism-output. In this framework,
input refers to technical elements, mechanism refers to users’ psychological pro-
cesses, and output represents ultimate user health outcomes. The mechanism
stage, which connects input and output from a socio-psychological perspective,
is critical for theoretically improving technical elements and enhancing health
outcomes. However, existing research notes that SWHP studies have focused
heavily on technical factors while lacking corresponding mechanism research
[12].

Based on this research and practical background, this study addresses the follow-
ing question: As an emerging PHIM technology, what psychological mechanisms
enable SWHP to influence user health behavior?
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2. Theoretical Foundation and Literature Review

2.1 Stimulus-Organism-Response Model The stimulus-organism-
response (S-O-R) model is a classic theory in consumer behavior research
[13] that depicts how external factors (stimulus) influence behavior (response)
through the mediation of individuals’ internal psychological variables (or-
ganism). This model provides a theoretical framework for explaining how
information technology affects user behavior [14-16]. Scholars have specifically
applied the S-O-R model to SWHP user behavior research to analyze how
SWHP technical features influence user attachment [17] and discontinuance
[18].

Building on previous research, this study employs the S-O-R model to construct
a theoretical framework in which SWHP technical elements (stimulus) influence
user health behavior (response) through users’ internal psychological variables
(organism). Unlike existing literature that focuses on SWHP usage behavior,
this study further examines how SWHP promotes user health behavior, shifting
focus from intermediate outcomes (technology use) to final outcomes (technol-
ogy benefits).

2.2 SWHP Technical Elements (Stimulus) This study defines SWHP as
commercial-grade wearable electronic hardware devices and their applications
for health management. We analyze the currently mature and widely used smart
wristband as an example.

Under the influence of technology, culture, policy, and other factors, SWHP
have become increasingly popular among consumers. Scholars have summarized
SWHP technical elements using inductive and deductive approaches. For exam-
ple, G. Villalobos et al. [19] analyzed 209 PHIM applications (including smart
wristband apps such as Fitbit) and identified 12 technical elements: reminders,
goal setting, encouraging messages, action commitment, feedback, historical
records, monitoring, rewards, sharing, performance, challenges, and informa-
tion interaction. T. James et al. [20] categorized SWHP technical elements into
three types based on motivation theory: data management, behavior control,
and social interaction (see [Figure 1: see original paper]).

Data management includes collection (automatic monitoring, input, integration
with other applications), analysis (historical data trends, exercise performance),
updating (real-time activity data, goal progress), and searching (exercise tutori-
als, routes). Behavior control refers to human-computer interaction designs that
reinforce user health behavior, including exercise reminders, virtual rewards, and
goal management. Social interaction refers to user-to-user interaction functions,
including sharing, encouragement, competition, guidance, and comparison.

T. James et al.’s [20] theoretically-derived three-category approach covers the 12
elements identified by G. Villalobos, offering general representativeness with the
advantages of conciseness and high generalizability. This classification method
was published in the authoritative information systems journal Management
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Information Systems Quarterly and was empirically validated in that study
[20], confirming its reliability. Therefore, this study adopts T. James et al.’s [20]
classification of SWHP technical elements, as shown in [Figure 1: see original
paper].

2.3 User Psychological Mechanisms (Organism) A pilot study system-
atically reviewed 250 existing SWHP literature [12] and found that only a small
proportion (2%) examined SWHP user psychological mechanisms. Summarizing
these studies, scholars [9, 21-26] primarily explored SWHP’s influence mecha-
nisms on user health behavior from three perspectives—motivation, capability,
and social influence—based on self-determination theory, planned behavior the-
ory, and social cognitive theory.

(1) Motivation. M. Rupp et al. [24] suggest that SWHP can support users’
basic psychological needs (such as autonomy, competence, and relatedness) and
health goals, thereby enhancing motivation for health-related behaviors. C. At-
tig et al. [25] propose a motivational dependency effect, where users’ health
behavior motivation decreases when SWHP is unavailable. C. Kerner et al. [26]
found through experimental methods that after eight weeks of SWHP use, ado-
lescent users’ scores for autonomy, competence, and relatedness significantly
decreased, reducing intrinsic exercise motivation while increasing amotivation,
thus suggesting that SWHP negatively affects adolescents’ exercise motivation.
M. Patel [9] argues that SWHP have difficulty influencing user health motiva-
tion. Clearly, SWHP’s impact on user motivation remains controversial and
requires further investigation.

To explore whether SWHP can stimulate users’ health behavior motivation,
this study introduces the psychological variable of inspiration. T. Thrash and
A. Elliot [27] proposed the concept of inspiration in 2010 to describe motiva-
tion arising from individuals’ interactions with their environment to improve
their current state. They identified three core characteristics of inspiration:
transcendence (awareness of better possibilities, such as self-improvement), evo-
cation (inspiration originates from external sources), and approach motivation
(intention to actualize new ideas). Information management activities can in-
spire individuals [28], and some scholars have applied inspiration to PHIM and
health behavior research. For example, M. Robinson et al. [29] studied online
health information seeking among new mothers and found that messages from
similar users could inspire seekers to improve themselves, thereby enhancing
mothers’ self-efficacy, outcome expectations, and parenting behaviors regarding
infant sleep training. S. Chuah et al. [30] incorporated inspiration into valence
theory to predict users’ continued SWHP use. The context of this study aligns
with the three core characteristics of inspiration: as an external source, SWHP
may evoke users’ awareness of improving their health and stimulate motivation
for health behavior. Unlike existing SWHP research that focuses on motivation
types (internal or external regulation), the concept of inspiration emphasizes
the emergence of motivation. Therefore, this study introduces the concept of
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inspiration.

(2) Capability. SWHP support various PHIM activities and are considered
helpful for enhancing users’ ability to perform health behaviors. T. Ratz et
al. [21] conducted a randomized controlled experiment with elderly populations
to examine SWHP’s impact on user self-efficacy, comparing an experimental
group using SWHP for exercise monitoring with control groups using web logs
or delayed intervention. Results showed that self-efficacy changes significantly
mediated the effect of experimental grouping on participants’ exercise inten-
tion, planning, and behavior. E. Nelson et al. [22] introduced the concept of
empowerment to SWHP user research, representing users’ beliefs in achieving
health goals and sense of control over health behaviors. Their study found that
SWHP elements such as attractiveness, feedback, privacy protection, readabil-
ity, and gamification positively influenced user empowerment, thereby strength-
ening health commitment. However, unexpectedly, monitoring—a key SWHP
function—did not significantly affect user empowerment. Although the authors
attempted to explain this from organizational theory (monitoring may cause
user stress and distrust), SWHP is a voluntarily adopted technology, and user
reactions should differ substantially from organizational technologies. There-
fore, this study introduces the concept of empowerment.

(3) Social Influence. According to planned behavior theory and social cog-
nitive theory, human behavior is determined not only by internal psychological
factors but also by environmental influences. Y. Zhu et al. [23] specifically ex-
amined the impact of SWHP’s social features on user exercise and demonstrated
through empirical data that SWHP social sharing and competition functions in-
fluence individual exercise intention through the mediation of subjective norms.
However, this study did not consider the role of SWHP data management and
behavior control functions. Therefore, this study will examine the normalization
effects of SWHP technical elements on user health behavior.

In summary, the psychological mechanisms through which SWHP promote user
health behavior are multifaceted, yet existing findings are fragmented and incon-
sistent. This study comprehensively examines the inspirational, empowerment,
and normalization effects of various SWHP technical elements on promoting
user health behavior.

2.4 User Health Behavior (Response) User health behavior refers to vari-
ous actions users perform to promote their own health, such as WHO recommen-
dations for smoking cessation, reduced alcohol intake, and increased physical ac-
tivity [31]. Insufficient physical activity is a key risk factor for chronic diseases,
mental health issues, and low quality of life. A global report indicates that
over one-quarter of adults do not meet recommended physical activity levels for
maintaining health [32], such as 150 minutes of moderate-to-vigorous exercise
per week [31], 10,000 daily steps, or limiting sedentary time to eight hours per
day [33]. SWHP offer multiple functions to help users stay active, including
tracking daily steps, distance, active minutes, and calorie consumption; provid-
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ing exercise goal management across multiple activity modes (setting distance,
time, or calorie targets for cycling, running, yoga, etc.) with real-time mon-
itoring and feedback; evaluating exercise performance (cardiovascular fitness,
optimal heart rate, running pace); setting sedentary reminders; and offering
encouragement and virtual rewards upon goal achievement. While SWHP tech-
nology continues to evolve, with some products monitoring heart rate, sleep,
blood glucose, stress, and other biomarkers to support comprehensive health
management [12], this study focuses on the most widespread, mature, and core
function—exercise tracking and support—for exploratory analysis of health be-
havior.

3. Research Model and Hypotheses

3.1 Research Model Based on the above analysis, this study develops an
S-O-R model of SWHP user health behavior: SWHP technical elements (data
management, behavior control, and social interaction) serve as external stim-
uli that influence user health behavior (exercise level as an example) through
user psychological mechanisms (inspirational, empowerment, and normalization
effects), as shown in [Figure 2: see original paper].

3.2 Research Hypotheses

3.2.1 Hypotheses on the Influence of SWHP Technical Elements on
User Psychological Mechanisms (Stimulus-Organism) Based on a sys-
tematic literature review, this study proposes that SWHP technical elements
promote user health behavior through inspirational, empowerment, and normal-
ization effects.

(1) Inspirational Effect Hypotheses. Inspiration arises from individual-
environment interaction, referring to awareness of better possibilities and mo-
tivation to achieve them [27]. Research has found that information manage-
ment is an important source of inspiration [29]. Self-regulation theory sug-
gests that information from self-observation and judgment can motivate self-
improvement [34]. During SWHP use, previously imperceptible or unassessable
unhealthy habits (e.g., sedentary behavior, calorie imbalance) are presented
to users as quantitative data, potentially inspiring lifestyle adjustments. Ad-
ditionally, SWHP data management functions, including historical statistics
and updates, can provide inspirational cues for health improvement—for ex-
ample, users might observe statistical data showing that switching from driv-
ing to public transportation for commuting achieves calorie balance, inspiring
them to change their commute method. Furthermore, SWHP’s interactive be-
havior control functions (goal management, activity reminders, rewards) can
help users self-inspire and take proactive responsibility for their health [30]. Fi-
nally, SWHP social interaction features (sharing, commenting, competitions)
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may inspire users to improve themselves by observing and emulating exercise
role models in their social circles [35].

Based on the above analysis, we propose the following inspirational effect hy-
potheses:
H1a: Data management is positively related to inspiration.
H1b: Behavior control is positively related to inspiration.
H1c: Social interaction is positively related to inspiration.

(2) Empowerment Effect Hypotheses. Empowerment refers to users’ belief
in their ability to influence outcomes and control situations [22]. Information
empowerment is considered crucial for enhancing individual or organizational
action capacity [36]. In this study’s context, SWHP reduce the burden of health
data collection through integrated biosensors, enhancing users’ ability to con-
trol their health status. Second, goal setting improves individual performance
[37], and SWHP provide rich goal management functions (guiding users to set
daily/weekly/monthly exercise duration or calorie targets) to support health
behavior change [38]. Additionally, SWHP personalized reminder functions can
enhance users’ ability to change unhealthy habits, such as sending messages
after one hour of sedentary behavior. Moreover, SWHP real-time feedback on
quantified results from health behavior changes (e.g., goal progress, additional
calories burned through increased intensity/duration) can enhance user efficacy.
Finally, SWHP social interaction functions (sharing, liking, commenting) pro-
vide emotional and informational support for promoting health behavior.

Based on the above analysis, we propose the following empowerment effect hy-
potheses:
H2a: Data management is positively related to empowerment.
H2b: Behavior control is positively related to empowerment.
H2c: Social interaction is positively related to empowerment.

(3) Normalization Effect Hypotheses. Norms refer to individuals’ percep-
tions of external expectations regarding behavior execution and reflect reference
group influence on individual decision-making [39]. Some scholars argue that
SWHP are not merely information conduits but also information senders that
can be perceived as having social roles [40] and persuasive features [41]. There-
fore, we propose that SWHP functions implicitly convey expectations for user
health behavior, exerting normative effects. Specifically, SWHP’s continuous
monitoring and feedback of health data imply expectations for maintaining or
improving health levels; goal management, reminders, and reward functions im-
ply goals for reinforcing health behavior; and social interaction features (com-
petition, comparison, encouragement) imply expectations for healthier lifestyles
from others in users’ social circles. Thus, SWHP technical elements can trigger,
form, and strengthen users’ perceptions of health behavior norms.

Based on the above analysis, we propose the following normalization effect hy-
potheses:
H3a: Data management is positively related to norms.
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H3b: Behavior control is positively related to norms.
H3c: Social interaction is positively related to norms.

3.2.2 Hypotheses on the Influence of User Psychological Mechanisms
on Health Behavior (Organism-Response) Inspiration is an intrinsic mo-
tivational state [30]. When inspired to achieve a goal, individuals’ behavioral
systems become activated to drive vision actualization [27]. Self-determination
theory suggests that behaviors driven by intrinsic motivation are more likely
to be sustained [42]. Research has shown that inspiration correlates with posi-
tive behaviors, such as environmental protection [43] and self-improvement [44].
Therefore, we propose:
H4: Inspiration is positively related to user health behavior.

Empowerment describes users’ sense of capability and control over their health
behavior with SWHP assistance [22]. Planned behavior theory posits that per-
ceived behavioral control influences individual behavior [39]. Social cognitive
theory similarly proposes that self-efficacy predicts specific behaviors [45]. Nu-
merous studies have confirmed that individuals’ subjective perceptions of capa-
bility significantly predict health behavior [21, 23]. Therefore, we propose:
H5: Empowerment is positively related to user health behavior.

Norms refer to users’ perceptions of external expectations during SWHP interac-
tion and their motivation to conform to others’ expectations. Planned behavior
theory [39] emphasizes the influence of subjective norms on individual behavior.
Y. Zhu et al. [23] demonstrated that social norms affect SWHP users’ exercise
intention. J. Kim et al. [46] proposed that subjective norms can predict SWHP
users’ exercise, sleep, and diet-related behaviors. Based on existing research, we
propose:
H6: Norms are positively related to user health behavior.

4. Research Methods

4.1 Variable Measurement and Questionnaire Design This study’s mea-
surement scales were adapted from existing literature and modified appropri-
ately for the SWHP context. Specifically, SWHP technical element measure-
ment items were adapted from T. James et al. [20], with data management,
behavior control, and social interaction as second-order formative constructs
(see ). User psychological variable items were derived from T. Thrash et al. [27]
for inspiration, E. Nelson et al. [22] for empowerment, and A. Stibe et al. [47]
for norms, all as first-order reflective constructs (see ). User health behavior
was measured using metabolic equivalents (MET) through the widely used In-
ternational Physical Activity Questionnaire-Short Form [48], as detailed in .

Since the original items were in English, this study employed back-translation to
ensure accuracy. After initial questionnaire design, three scholars from Nanyang
Technological University, Chongqing University, and Jilin University reviewed
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and revised the survey, based on which we streamlined and refined measurement
items to ensure scientific rigor. We then invited 40 smart wristband users on
social media for a pilot test and adjusted ambiguous or ambiguous expressions.
The final questionnaire contained 52 items (including two attention-check ques-
tions) in four sections: (1) single-choice questions on basic SWHP usage (usage
status, brand, frequency, duration); (2) Likert 5-point scale items measuring
SWHP technical elements and user psychological variables (1 = “completely
disagree” to 5 = “completely agree”); (3) combined single-choice and fill-in-the-
blank questions measuring exercise level (e.g., days of vigorous-intensity exer-
cise in the past seven days and daily duration); and (4) single-choice questions
on demographic characteristics (gender, age, education, income) and subjective
health status.

4.2 Data Collection The questionnaire was distributed and collected via so-
cial media platforms including WeChat, Weibo, QQ, and Keep. To enhance
participation, a 2 RMB WeChat red packet was offered for each valid question-
naire upon review. Review criteria included: (1) being an SWHP user; (2)
passing attention-check questions; (3) passing reverse-coded items; and (4) ab-
sence of obvious unreasonable outliers. The survey collected 641 questionnaires,
with 347 deemed valid (54% validity rate). The valid sample exceeded 10 times
the maximum number of items or predictor variables, meeting recommended
standards for statistical analysis [49].

4.3 Data Analysis The collected data exhibited non-normal distribution
characteristics. Model assessment includes reflective and formative indicator
evaluation. According to C. Fornell et al. [50], this study is suitable for PLS-
SEM analysis. We used SmartPLS 3.3.2 to run the PLS algorithm and boot-
strapping to obtain model estimates and significance levels.

5. Research Results

5.1 Sample Descriptive Statistics As shown in , the sample had a bal-
anced gender distribution, concentrated in the 20-29 age group, mostly with
undergraduate or graduate education, and over half with monthly income below
3,000 RMB. These characteristics align with general internet user demograph-
ics, indicating representativeness. Although the sample skewed younger, nearly
half reported fair or poor health status, demonstrating that user health behav-
ior warrants research attention. Additionally, most respondents used SWHP
frequently, with over half having used them for more than one year, indicating
participation by active, loyal SWHP users.

5.2 Measurement Model Assessment
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5.2.1 Reflective Indicator Model Assessment Reflective construct relia-
bility was assessed using Cronbach’s 𝛼 and composite reliability (CR). As shown
in , all Cronbach’s 𝛼 and CR values exceeded the recommended threshold of
0.7, indicating good reliability. Convergent validity was assessed using average
variance extracted (AVE), with values between 0.79 and 0.98, meeting the 0.5
recommendation. Discriminant validity was evaluated using the Fornell-Larcker
criterion (square root of AVE > inter-construct correlations) and the stricter
HTMT criterion [51]. All HTMT values were below 0.62, meeting the 0.85
threshold, indicating good discriminant validity.

5.2.2 Formative Indicator Model Assessment Formative indicator evalu-
ation includes weights, variance inflation factor (VIF), and discriminant validity
[52]. As shown in , all formative indicator weights were significant, with first-
order sub-dimensions effectively predicting second-order constructs. VIF values
ranged from 1.18 to 2.70, below the recommended threshold of 3.3, indicating no
problematic multicollinearity. Formative construct discriminant validity was as-
sessed through inter-construct correlations, with all values below 0.5, indicating
good discriminant validity.

5.2.3 Common Method Bias Test This study used self-reported question-
naires, potentially introducing common method bias. Following H. Liang et al.’s
[53] PLS-based approach, we created a common method factor including all mea-
surement indicators and calculated the ratio of squared factor loadings (R1

2) to
squared correlations with the common method factor (R2

2). The R1
2/R2

2 ratio
was 25.03 (0.909/0.036), suggesting no significant common method bias.

5.3 Structural Model Assessment After controlling for demographic char-
acteristics and SWHP attributes, results showed that SWHP data management
(𝛽 = 0.473), behavior control (𝛽 = 0.094), and social interaction (𝛽 =
0.248) were significantly positively related to inspiration, supporting H1a, H1b,
and H1c. Data management (𝛽 = 0.235), behavior control (𝛽 = 0.392),
and social interaction (𝛽 = 0.145) were significantly positively related to
empowerment, supporting H2a, H2b, and H2c. Behavior control (𝛽
= 0.176) and social interaction (𝛽 = 0.317***) were significantly positively
related to norms, supporting H3b and H3c. However, the relationship between
data management and norms was not significant, rejecting H3a.

Inspiration (𝛽 = 0.184) and empowerment (𝛽 = 0.377) were significantly
positively related to health behavior, supporting H4 and H5. However, the
relationship between norms and health behavior was not significant, rejecting
H6.

The explained variance (R2) indicates that SWHP technical elements had mod-
erate explanatory power for inspiration (R2 = 45.5%) and empowerment (R2

= 40.5%), and low explanatory power for norms (R2 = 25.6%). The identified
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psychological variables had low explanatory power for health behavior (R2 =
29.8%).

Further analysis of indirect effects () revealed that empowerment significantly
mediated the effects of data management, behavior control, and social interac-
tion on health behavior. Inspiration significantly mediated the effects of data
management and social interaction on health behavior, but not the effect of
behavior control. Norms did not mediate any SWHP technical element’s effect
on health behavior.

6. Conclusions and Implications

This study constructed and tested a path model of PHIM technology promoting
user health behavior based on SWHP. Using the S-O-R framework, we found
that SWHP’s data management and social interaction functions have inspira-
tional effects that promote user health behavior; data management, behavior
control, and social interaction influence health behavior through empowerment;
and although behavior control and social interaction affect users’ norm percep-
tion, norm perception does not significantly influence health behavior.

Theoretical Contributions. This study makes three primary theoretical con-
tributions. First, using the S-O-R model, we established theoretical linkages
between SWHP technical input, user psychological mechanisms, and health out-
comes, opening the “black box” of how SWHP technical elements (data man-
agement, behavior control, social interaction) promote user health behavior.
The proposed model will help understand the principles of PHIM technology-
promoted health behavior and provide references for future theory-based PHIM
technology design and outcome evaluation research. Second, integrating per-
spectives from self-determination theory, planned behavior theory, and social
cognitive theory, we systematically examined the psychological mechanisms of
SWHP-promoted health behavior from motivation, capability, and social in-
fluence perspectives, addressing the insufficient attention to user psychological
mechanisms in existing literature. Notably, we innovatively introduced the psy-
chological concept of “inspiration” to extend existing discussions of internal and
external motivation in SWHP health behavior research, offering new avenues
for future research. Third, in the novel SWHP technology context, we iden-
tified findings inconsistent with previous research: while some studies found
that SWHP user norm perception positively correlates with health behavior in-
tention, we found that norm effects insufficiently drive actual health behavior,
possibly because health behaviors are not easily observable, weakening social
norm influence. This reflects the unique characteristics of the SWHP research
context and provides insights for future theory testing and development.

Practical Implications. Our findings offer two practical implications. First,
empowerment effects of SWHP technical elements have the strongest impact
on user health behavior, followed by inspirational effects, while norm effects
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are non-significant. Research confirms that information framing affects recipi-
ents’ cognition, with different expressions of the same content creating cognitive
biases [55]. Therefore, PHIM designers should consider framing effects in infor-
mation push functions, enhancing users’ sense of control and efficacy, and using
inspirational rather than normative expressions to better promote health behav-
ior. Second, SWHP technical elements can indirectly promote health behavior
through inspiration or empowerment, with different elements following different
paths. We recommend that PHIM/SWHP developers enrich technical functions
and improve human-computer interaction design from dual inspirational and
empowerment perspectives, while operators should guide users toward deep en-
gagement with various functions to maximize PHIM technology value.

Limitations. This study has several limitations. First, health behavior was
analyzed using exercise level as an example, but exercise patterns differ from
other health behaviors such as healthy eating; future research should examine
multiple health behavior types. Second, this study used cross-sectional sur-
vey data, which cannot reveal longitudinal causal relationships between PHIM
technology and user health behavior; future research should employ rigorous
longitudinal experiments. Finally, the sample was drawn from social media and
skewed toward younger populations; future research should use more rigorous
sampling methods or examine specific populations (e.g., elderly users) to test
the robustness of our conclusions.
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Resources are the foundation, cornerstone, and basis for the existence and devel-
opment of libraries (information institutes, archives, etc.). Resource construc-
tion is a core function and key capability of libraries. Facing the “14th Five-
Year Plan,” library resource construction faces many challenges and requires
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