ChinaRxiv [$X]

AT translation - View original & related papers at
chinarxiv.org/items/chinaxiv-202304.00410

User Purchase Behavior on Information-Dominant
Decision-Making Sharing Service Platforms:
Configurational Effects of Multi-Agent Gener-
ated Signals Postprint

Authors: Wang Ping, Liu Shiying, Cao Gaohui
Date: 2023-04-01T16:02:59+00:00

Abstract

[Purpose/Significance] This study aims to explore the interactive influence of
multi-agent generated information on resource demanders’ purchasing behav-
ior in shared service platforms, so as to facilitate the recovery and healthy
sustainable development of the sharing economy in the post-pandemic era.
[Method/Process] Grounded in signaling theory and incorporating the char-
acteristics of multi-agent generated information on shared service platforms,
we construct a configurational research model of consumer purchasing behav-
ior in information-dominated decision-making shared service platforms. Using
shared accommodation platforms as an example, we crawled shared housing
data from Chengdu on the Airbnb platform using Python, and employed fuzzy-
set Qualitative Comparative Analysis (fSQCA) to identify the configurational
effects of multi-agent generated information on user purchasing behavior. [Re-
sults/Conclusions] The findings reveal that there are three combinations of in-
formation features that facilitate purchasing behavior on shared platforms, with
one necessary condition for generating such behavior; three combinations of in-
formation feature conditions lead to consumer non-purchase behavior, with one
necessary condition for non-purchase behavior; and the paths leading to user
purchasing behavior and non-purchase behavior are not opposite.
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Abstract: [Purpose/Significance] This study aims to explore the interactive
influence of multi-agent generated information on resource demanders’ pur-
chasing behaviors on shared service platforms, thereby facilitating the recov-
ery and sustainable development of the sharing economy in the post-pandemic
era. [Method/Process|] Based on signaling theory and incorporating the char-
acteristics of multi-agent generated information on shared service platforms,
this paper constructs a configuration research model of consumer purchasing
behavior on information-driven decision-making sharing service platforms. Tak-
ing a shared accommodation platform as an example, we used Python to crawl
shared housing data in Chengdu from the Airbnb platform and employed fuzzy-
set qualitative comparative analysis (fSQCA) to identify the configuration ef-
fects of multi-agent generated information on users’ purchasing behaviors. [Re-
sult/Conclusion] The findings reveal three combinations of information char-
acteristics that encourage purchasing behavior on sharing platforms, with one
necessary condition for generating purchases; three combinations of information
characteristics that lead to non-purchasing behavior, with one necessary condi-
tion for non-purchase; and that the paths leading to purchasing behavior are
not simply the opposite of those leading to non-purchasing behavior.

Keywords: signaling theory; purchasing decision behavior; sharing service plat-
form; configuration perspective

2. Related Research and Theoretical Foundation

2.1 Information’s Influence on User Purchase Decisions Information
generated by multiple agents on sharing service platforms serves as a crucial
basis for resource demanders’ purchase decisions and has attracted considerable
scholarly attention. This section reviews existing literature from two perspec-
tives: information dimensions affecting user purchase decisions and research
methodologies.

Existing research identifies three main information dimensions influencing user
purchase decisions: information source (generating agent), information format,
and information content. Information sources on sharing service platforms pri-
marily involve three agents: resource suppliers, resource demanders, and the
platform itself. Supplier-generated information includes product information
(e.g., product images and descriptions) and supplier profiles [4-6], demander-
generated information comprises online reviews and ratings [3], while platform-
generated information includes product certifications, supplier certifications,
and platform recommendations [4,5]. Regarding information format, studies
distinguish between textual information (such as online reviews [7,10]) and pic-
torial information (including image color, shape, and source [9]). Third, research
on information content affecting resource demanders’ purchase behavior has be-
gun examining consumer repurchase behavior. For instance, K. Xie et al. found
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that hosts’ acceptance rates, number of listings, and travelers’ past booking
frequency positively influence travelers’ repurchase behavior from hosts, while
hosts’ confirmation efficiency, acceptance rate, and travelers’ past booking fre-
quency positively affect repurchase behavior for specific properties [8].

Methodologically, most existing studies employ regression-based variance anal-
ysis to examine the net effects of individual factors on consumer purchasing
behavior. For example, S. Liang et al. used a multilevel linear regression model
based on rational decision theory and utility maximization theory to verify the
impact of host-generated information on guests’ purchase decisions [6]. Simi-
larly, Chi Maomao et al. used a negative binomial regression model grounded
in signaling theory to validate the effects of user-generated signals and platform
certification signals on guests’ sustainable consumption behavior [3]. However,
variance-based statistical analyses assume symmetric distributions between inde-
pendent and dependent variables [12], positing that high independent variable X
(e.g., high property ratings in this study) is both sufficient and necessary for de-
pendent variable Y (e.g., user purchase behavior). Yet asymmetric distributions
are ubiquitous in reality. For example, scholars and practitioners widely believe
positive reviews increase purchase behavior, yet L. Zhang et al. recently found
that positive reviews can produce ¥k effects and negative outcomes under cer-
tain conditions [13]. This asymmetry in how positive information influences user
behavior challenges traditional variance-based conclusions. Configuration-based
qualitative comparative analysis can compensate for this limitation in variance
analysis, offering a new approach to exploring asymmetric relationships between
variables. In recent years, configuration-based qualitative comparative analysis
has been applied to study user information behaviors, such as social media user
behavior [14] and online review behavior [15], and its empirical application in do-
mestic library and information science is also emerging, as seen in Chi Maomao
et al. [16].

2.2 Signaling Theory Signaling Theory was first proposed by M. Spence in
1973. The theory generally refers to how the better-informed party in a mar-
ket transmits relevant information through signals to the less-informed party,
thereby influencing or changing the latter’s choice intentions and moving the
market toward equilibrium [18]. In market transactions, buyers often possess
less product information than sellers, creating information asymmetry. Sellers
send signals about products to help buyers infer product quality and achieve
potential transaction gains. Research demonstrates that signaling theory can
explain consumer purchasing behavior. For example, K. Xie et al. found that
“Superhost” status, experience, and response rate significantly positively influ-
ence property booking volumes [19].

In information-driven decision-making sharing service platforms, resource sup-
pliers publish their idle resources on the platform, making it difficult for resource
demanders to obtain physical information cues about products. To help deman-
ders understand products and facilitate transactions, suppliers typically provide
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quality information, and platforms offer certification information. These signals
provide reliability cues for consumers’ purchase decisions. Therefore, signal-
ing theory offers a theoretical framework for guiding and stimulating consumer
purchasing behavior on sharing service platforms. Signal objects are generally
categorized as product or supplier, with content including quality, emotional,
and rational appeals. Quality appeals include supplier certification and reviews,
emotional appeals include product and supplier descriptions, while rational ap-
peals include price, images, star ratings, and sharing capacity [9]. C. Wang
et al. applied signaling theory to categorize offline knowledge service quality
signals into service attributes and supplier attributes [20], while Yao Bin com-
bined signaling theory to classify Airbnb property attributes into functional
attributes, signal attributes, and dual attributes to examine their impact on
market demand [21].

3. Research Model

Based on signaling theory and incorporating information features on sharing
service platforms, this study constructs a configuration model of consumer pur-
chasing behavior on information-driven decision-making sharing service plat-
forms. This section discusses the relationships between user-generated signals
(from both supply-side and demand-side users), platform-generated signals, and
demand-side users’ purchase decision behaviors.

3.1 User-Generated Signals and Purchase Decision Behavior Users on
sharing service platforms include resource suppliers and demanders. This study
categorizes user-generated signals into supplier-generated signals and demander-
generated signals. Supplier-generated signals primarily include product informa-
tion and supplier information, while demander-generated signals mainly com-
prise online ratings.

On experiential sharing service platforms, products and services exhibit non-
standardized characteristics, and consumers face high uncertainty and risk be-
fore making purchase decisions. Information provided by resource suppliers
(S.Info) about products and suppliers becomes a critical basis for user purchase
decisions. First, regarding the impact of shared resource information on user
purchase decisions, existing research shows that shared property descriptions,
image quantity, color, and source all influence consumer purchasing behavior.
For instance, studies found that the number of property images on Airbnb pos-
itively affects consumer purchasing behavior [5], with image color having the
greatest influence on consumer choice, followed by image shape and source [9].
The impact of product descriptions on consumer purchasing behavior FE{&AM7E
length and depth. Research on Airbnb found that property description length
and depth positively correlate with consumer purchasing behavior [6], and lower
product prices represent a competitive advantage for sharing service platforms
and constitute an important factor influencing consumer purchasing behavior
[3,6].
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Second, resource supplier personal information influences user purchase deci-
sions. Resource suppliers are owners and providers of services or goods. Sup-
plier information helps consumers understand suppliers’ personalities, thereby
enhancing perceived trust and promoting purchase behavior. On Airbnb, host
description length and depth positively influence consumer purchasing behav-
ior [6]. Therefore, the length or detail of resource suppliers’ self-descriptions
may interact with other information dimensions to affect consumer purchasing
behavior.

On shared accommodation platforms, review information provided by resource
demanders also constitutes a primary information source for purchase decisions.
Since short-term rental platforms offer experiential goods, consumers can in-
crease their understanding of products through others’ reviews to make purchase
decisions. The impact of online ratings on consumer purchasing behavior &
&HTE overall ratings and individual ratings. For example, research found that
cleanliness ratings on short-term rental platforms positively influence guests’ sus-
tainable consumption behavior [3], and high overall ratings for shared resources
positively affect consumer purchasing behavior [4-5].

3.2 Platform Certification Signals and Purchase Decision Behavior
Platform certification signals include platform certification labels for shared
resources and certification information for resource suppliers. Product certi-
fication represents the platform’s official quality certification for goods, such
as Airbnb’s “Clean & Safe” property certification tag launched during the pan-
demic, which certifies properties meeting “zero-contact” self-check-in, cleanli-
ness ratings of 4.8 or above (out of 5), and other safety standards. Supplier
certification provides platform certification signals for suppliers with specific
qualifications, such as Airbnb’s “Superhost” status representing experienced,
highly-rated hosts. Compared to user-generated signals, platform certification
signals represent official platform endorsements of product and supplier qual-
ity, helping consumers gain third-party evaluation perspectives. Additionally,
as third-party signals independent of resource supply and demand parties, plat-
form certification signals enable sustainable standardized management of prod-
ucts and suppliers, enhancing consumers’ perceived trust in the platform and
thereby promoting purchase decisions. Research found that platform property
certification signals positively moderate the effect of user-generated signals on
consumer purchasing behavior [3], and platform host certification signals signif-
icantly positively influence consumer purchasing behavior [4-5].

3.3 Multi-Agent Generated Information Configuration and User
Decision Behavior Although existing research demonstrates that infor-
mation generated by various agents on sharing service platforms affects
user decision-making to varying degrees, current studies typically examine
impacts from single-agent information using structural equation modeling or
multiple regression to analyze net effects of different information dimensions
on decision-making, while ignoring complexity in data and reality. On sharing
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service platforms, complex, asymmetric effects of different factors interacting
on user purchasing behavior are widespread [22].

Complexity theory emphasizes a holistic view and “equifinality,” providing a
new perspective for analyzing nonlinear relationships between variables. When
nonlinear interactions exist among factors, changes in individual elements may
or may not significantly affect the entire system, requiring a holistic rather than
net-effect perspective to understand variable relationships. “Equifinality” [23]
refers to multiple different combinations of antecedent conditions (e.g., vari-
ous combinations of information dimensions) equivalently leading to the same
outcome (e.g., user purchasing behavior). The equifinality principle of complex-
ity theory indicates that no single feature is necessary for achieving a specific
result—for instance, high ratings may not be a necessary condition for user pur-
chasing behavior [23]. Research found that when users face multiple inconsistent
information cues, they tend to focus on negative cues, producing corresponding
behaviors [24]. Therefore, on shared accommodation platforms, when signals
generated by multiple agents appear simultaneously, complex interactions exist
between signals, and multiple equivalent paths may lead to users’ purchase or
non-purchase decisions.

In summary, this study employs signaling theory, selecting three information di-
mensions as signals: platform-generated information (P.Info), resource supplier-
generated information (S.Info), and resource demander-generated information
(D.Info). From a complexity theory perspective, we analyze the configuration
effects of signals generated by different agents on users’ purchasing and non-
purchasing decision behaviors. The configuration model of this study is shown
in Figure 1 [Figure 1: see original paper].

4. Data Collection and Analysis

To explore the configuration effects of information generated by resource suppli-
ers, demanders, and platforms on user purchasing behavior on sharing service
platforms, this study selects the short-term rental platform Airbnb as a case,
using Python to crawl publicly available multi-agent generated information as
the data source. This section details the data collection, variable measurement,
and data analysis processes.

4.1 Data Collection This study selects Airbnb for two main reasons: First,
Airbnb is one of the world’s largest short-term rental platforms, with over 7
million listings across more than 100,000 cities worldwide as of 2020 [25], and
it holds a significant share of China’s short-term rental market. Second, the
platform generates certification signals for properties and hosts, such as launch-
ing tens of thousands of “Clean & Safe” properties during the pandemic. The
“Clean & Safe” and “Superhost” series of platform-generated certification sig-
nals serve as important bases for users to evaluate property quality and make
purchase decisions. Simultaneously, the platform allows resource suppliers and

chinarxiv.org/items/chinaxiv-202304.00410 Machine Translation


https://chinarxiv.org/items/chinaxiv-202304.00410

ChinaRxiv [$X]

demanders to generate information, providing a scientific environment for this
study.

City culture and economic development differences are important factors af-
fecting local purchase decisions. To control for city differences’ impact on user
purchasing behavior, this study selects Chengdu property data as representative
for two main reasons: First, the “China Shared Accommodation Development
Report 20207 released by the State Information Center shows that in 2019,
Chengdu ranked among the top three cities in property inventory alongside Bei-
jing and Shanghai [26]. Second, Beijing and Shanghai were the first to introduce
special policies for the shared accommodation sector during the pandemic [27-
28], which would create policy effects on consumers’ travel decisions. Therefore,
this study only selects Chengdu’s shared properties as the research sample. This
study first crawled data at the end of September 2020 (time point T0) and con-
ducted a second data crawl in November 2020 (time point T1), extracting data
with review publication dates between October 1, 2020, and October 31, 2020.
The entire dataset belongs to the “post-pandemic period” [29].

The data collection process involved: (1) Original data source acquisition. The
screening criteria set the city to “Chengdu,” property type to “entire place,”
price range to 0-9999 RMB, and offset to 10. For each property link, we collected
six fields: number of property images, overall rating, property description, price,
host description, and number of reviews. We checked whether property descrip-
tions contained “disinfection” or related terms and whether tags included “Clean
& Safe” or “Superhost,” coding these as 1 if present and 0 otherwise, while also
calculating the string length of host descriptions. Properties with missing fields
were removed, and properties with identical fields were treated as duplicates. Af-
ter deduplication, 5,883 property records were obtained. (2) Data cleaning and
screening. Since this study focuses on Chinese consumers’ purchasing behavior,
properties with foreign language reviews were removed. Additionally, due to sig-
nificantly reduced travel accommodation demand during the pandemic, proper-
ties with ratings greater than 0 were selected to ensure subsequent data analysis.
As consumer purchasing behavior is sensitive to price factors [30] and the price
distribution of the 5,418 screened properties showed a peaked distribution be-
tween 68-9,999 RMB, this study limited the sample price to within 1,000 RMB,
resulting in 5,316 samples. The 68-1,000 RMB range showed a positively skewed
distribution (Median=280.00, SD=193.855, Mean=331.42, Mode=198). Since
this study focuses on exploring the impact of multi-agent generated informa-
tion on user purchase decisions, to control for price factors as much as possible,
we selected properties within one standard deviation of the mean price (Mean-
SD, Mean+SD) for properties under 1,000 RMB (accounting for 77% of total
samples), i.e., properties priced between 138-525 RMB /night. The final valid
dataset included 4,107 properties and 7,172 corresponding guest text reviews.
(3) Variable measurement. The antecedent variables in this study include seven
variables across three dimensions: resource supplier-generated signals, resource
demander-generated signals, and platform certification signals. The outcome
variable is user purchasing behavior. Supplier-generated signals include number
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of images, whether description contains “disinfection,” property price, and host
information length. Variable descriptions and measurement methods are shown
in Table 1 . Demander-generated signals refer to the overall property rating at
time TO. Platform certification signals include whether the property has the
“Clean & Safe” tag and whether it has the “Superhost” tag.

Consumer purchasing behavior was measured using property sales volume. Due
to platform data availability limitations, this study could not directly obtain
sales information for corresponding time periods and thus adopted the widely
used demand proxy approach [31]. Following existing research measurement
methods [14,22-23,32], property sales volume has a high positive correlation
with the number of online reviews received (i.e., ¢ represents booking quantity,
where 0 % < ¢). Therefore, the more reviews a property has, the more popular it
is, representing more user purchasing behavior. Additionally, the sharing econ-
omy has collaborative consumption attributes, so users have high motivation to
interact on sharing service platforms, and posting reviews is an important form
of interaction that satisfies consumers’ social needs and altruistic motives [34].
In summary, on shared accommodation platforms, since sales data cannot be
directly obtained, using review numbers to represent sales is a universally appli-
cable measurement method [32]. Thus, this study uses the number of reviews
a property received between T1 and TO to represent user purchasing behavior.
Figure 2 [Figure 2: see original paper| shows the measurement model based on
this study’s configuration model, including measurements for each antecedent
and outcome condition.

4.2 Descriptive Statistical Analysis First, this study used SPSS 24.0 to
conduct descriptive statistical analysis on the collected data. Whether the de-
scription contains “disinfection,” “Clean & Safe,” and “Superhost” are cate-
gorical variables, for which frequency statistics were conducted. Among the
4,107 valid records, 698 properties (17%) had descriptions containing “disinfec-
tion,” 1,011 properties (24.6%) had the “Clean & Safe” tag, and 2,534 properties
(61.7%) had “Superhost” certified hosts. Number of images, price, host infor-
mation length, overall rating, and number of reviews are numerical variables,
for which means, standard deviations, minimums, maximums, medians, and
percentiles were calculated. Specific results are shown in Tables 2 and 3 .

4.3 Fuzzy-Set Qualitative Comparative Analysis Results Qualitative
Comparative Analysis (QCA) is used to explore how combinations of multiple
variables influence a specific outcome and is currently one of the most widely
used configuration analysis methods [35]. Since most variables measured in this
study are continuous, fuzzy-set qualitative comparative analysis (fsQCA) was
selected as the data analysis method.

4.3.1 Calibration This study used the direct calibration method to calibrate
raw data. First, based on each variable’s distribution characteristics, three criti-
cal values were set: full membership, crossover point, and full non-membership.
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The data were then calibrated into set membership scores between 0-1 [36]. Bi-
nary variables were directly calibrated as 0 or 1. For continuous variables, dis-
tribution characteristics were examined and calibration criteria were referenced
[37]. Since none of the continuous variables in this study followed a normal dis-
tribution, the 80th percentile, median, and 20th percentile were calculated and
calibrated as full membership, crossover point, and full non-membership values,
respectively. Overall rating values were measured on a 5-point Likert scale, with
full membership anchor set at 4, crossover point at 3, and full non-membership
at 2. Additionally, fSQCA requires avoiding membership scores equal to 0.5; if
a condition’s fuzzy-set membership is less than 1, 0.001 is added to the original
membership [35]. Specific calibration points are shown in Table 4 .

4.3.2 Necessary Condition Analysis for Platform Information’s Im-
pact on Purchasing Behavior Necessary condition analysis tests whether
a single condition is necessary for an outcome. Based on necessary condition
analysis results, sufficient condition analysis is conducted for conditions that
cannot individually serve as necessary conditions. If the consistency of neces-
sary condition analysis is greater than or equal to 0.9, the condition is considered
necessary [38].

As shown in Table 5 , high overall rating is simultaneously a necessary condition
for both user purchasing behavior and non-purchasing behavior, meaning prop-
erties with high ratings are a superset of both high-sales and low-sales property
sets. This occurs because of the widespread phenomenon of positive ratings on
shared accommodation platforms. Existing research found that on short-term
rental platforms, due to extensive online and offline interactions between de-
manders and hosts, demanders often deliberately avoid negative reviews based
on empathy and social intimacy [32]. Additionally, Airbnb’s reciprocal review
mechanism creates a tacit understanding of mutual positive reviews between
guests and hosts [34]. These factors collectively contribute to rating bias. The
rating data distribution in this study confirms the existence of this universal
positive rating phenomenon, with an average overall rating of 4.85 (Min=1,
Max=>5, SD=0.3059), and ratings of 3 and above accounting for 99.63% of total
samples (4,092/4,107).

4.3.3 Sufficient Condition Analysis for Platform Information’s Impact
on Purchasing Behavior After necessary condition analysis, this section
constructs a truth table for sufficient condition analysis. To identify core and
peripheral elements, the frequency threshold was set to retain at least 75% of
samples, the raw consistency threshold was set at 0.8 [17,39], and PRI counsis-
tency was set at 0.65 to obtain complex, parsimonious, and intermediate solu-
tions. Since the intermediate solution does not eliminate necessary conditions
[40], it was used as the sufficient condition analysis result. If an antecedent
condition appears in both the parsimonious and intermediate solutions, it is a
core condition; if it appears only in the intermediate solution, it is a peripheral
condition [36].
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The sufficient condition analysis results are shown in Tables 6 and 7 . Each
column represents a configuration. Solid circles () indicate condition presence,
crosses () indicate condition absence, and blanks indicate the condition may
be present or absent. Large circles represent core conditions, while small circles
represent peripheral conditions [41]. Consistency reflects the degree to which
a configuration consistently exhibits the outcome, while coverage reflects the
proportion of outcome cases explained by configurations passing consistency
tests. Raw coverage includes overlapping explanations among configurations
for individual configuration coverage, unique coverage excludes overlapping ex-
planations, and overall coverage reflects the proportion of outcome cases covered
by all configurations [36]. In this study, the overall coverage for high user pur-
chasing behavior solutions is 0.242, covering 24.2% of outcome cases; the overall
coverage for low user purchasing behavior solutions is 0.386, covering 38.6% of
outcome cases.

The data analysis results show three conditional configurations leading to con-
sumer purchasing behavior. Configuration 1 reveals that for lower-priced shared
properties (below 268 RMB /night), if the property description does not contain
“disinfection,” but the property has high overall ratings (above 3.0), “Super-
host” certification, and “Clean & Safe” certification, consumers are highly likely
to purchase. Thus, when product prices are not high, product and supplier
certifications can compensate for the absence of “disinfection” in descriptions,
as consumers’ quality requirements decrease with price and they can rely on
platform certifications to confirm cleanliness.

Configuration 2 shows that for lower-priced shared properties (below 268
RMB/night), when properties have many images (more than 26), descriptions
containing “disinfection,” detailed host self-descriptions (more than 29 charac-
ters), high overall ratings (above 3.0), and “Superhost” certification, consumers
are highly likely to purchase. This configuration has the highest consistency,
indicating it is the most likely combination to generate substantial consumer
purchasing behavior.

Configuration 3 shows that when properties have many images (more than
26), descriptions containing “disinfection,” detailed host self-descriptions (more
than 29 characters), high overall ratings (above 3.0), and both “Superhost” and
“Clean & Safe” certifications, consumers are highly likely to purchase.

The results also indicate three conditional configurations leading to consumer
non-purchasing behavior. Configurations 4 and 6 both describe scenarios lead-
ing to non-purchase of higher-priced properties (above 268 RMB /night). Con-
figuration 4 reveals that for higher-priced properties without “disinfection” in
descriptions and without “Superhost” or “Clean & Safe” certifications, even
with high overall ratings (above 3.0), consumers are unlikely to purchase.

Configuration 5 shows that without “disinfection” in descriptions and without
“Superhost” or “Clean & Safe” certifications, when properties have few images
(fewer than 26), brief host self-descriptions (fewer than 29 characters), but high
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overall ratings (above 3.0), consumers are unlikely to purchase.

Configuration 6 shows that for higher-priced properties without “disinfection” in
descriptions and without “Clean & Safe” certification, when properties have few
images (fewer than 26), detailed host self-descriptions (more than 29 characters),
and high overall ratings (above 3.0), consumers are unlikely to purchase.

5. Research Implications

The study found three equivalent paths encouraging consumer purchasing be-
havior and three paths discouraging it, with the paths leading to purchasing
and non-purchasing behaviors not being complete opposites. The theoretical
and practical contributions are mainly reflected in the following aspects:

5.1 Theoretical Implications

(1) In terms of research perspective, this paper employs complexity theory
to holistically examine the complex effects of multi-agent generated infor-
mation on user purchase decision-making in experiential resource sharing
platforms. From the perspective of resource supplier-generated signals,
price is a primary consideration in consumer purchase decisions, and both
high-priced and low-priced properties have configurations leading to high
purchase likelihood (Configurations 1, 2, 3). The study reveals that when
multiple information cues affecting user decisions coexist, multiple equiv-
alent paths exist for generating consumer purchasing behavior (Config-
urations 1, 2, and 3). Moreover, the three equivalent paths leading to
consumer non-purchasing behavior (Configurations 4, 5, and 6) are not
simply the opposite of those leading to purchasing behavior.

(2) Methodologically, this paper combines platform big data with qualitative
comparative analysis, verifying the causal asymmetry of consumer pur-
chasing behavior generation. This approach compensates for measurement
bias in existing research that collects subjective self-reported data through
questionnaires, while also addressing limitations of regression-based anal-
yses in adequately explaining asymmetric relationships between variables.
Using QCA methods, this study identifies factors influencing high con-
sumer purchasing behavior and those leading to non-purchasing behavior,
finding that the factor combinations causing high purchasing behavior are
not, opposite to those causing non-purchasing behavior. That is, the rea-
sons for non-purchasing cannot be directly inferred from the opposite of
purchasing behavior reasons.

5.2 Practical Implications The findings on how information influences user
behavior on experiential resource sharing platforms can guide platforms in pro-
moting consumer purchasing behavior: (1) The study reveals the existence of
concurrent synergistic effects between user-generated signals and platform certi-
fication signals, demonstrating the complexity of consumer purchasing behavior.
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Sharing service platforms can further standardize and improve user-generated
signal mechanisms and platform certification signal mechanisms. After major
public health emergencies closely related to resource usage, platforms should pro-
vide risk-reduction-related information certifications to decrease uncertainty in
user decision-making. (2) High consumer purchasing behavior exhibits asym-
metry. Therefore, sharing platforms and service providers should not infer
reasons for high purchasing behavior from traditional experience summarizing
non-purchasing behavior reasons. They must identify key core factors when
promoting consumer purchasing behavior.

6. Research Limitations and Future Directions

This study has several limitations for future research to address: (1) As sharing
service models further develop and social integration increases, future research
could compare information’s influence mechanisms on user purchasing behavior
across multiple different sharing resource platforms to derive mechanisms spe-
cific to sharing resource characteristics. (2) This study obtained cross-sectional
data for a one-month period in the post-pandemic era. Future research could
incorporate time-series factors and subsequent social emergency events affect-
ing sharing economy activities, such as sporadic outbreaks in multiple Chinese
provinces, to further explore dynamic patterns of information’s influence on
user behavior in information-driven decision-making sharing service platforms,
aiding post-pandemic recovery of sharing service models and enhancing their
resilience to emergencies.
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