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Abstract
[Purpose/Significance] This study aims to analyze the behavioral characteristics
of personal health information management among users of online health com-
munities and explore the relationships among elements in the “platform-PHIM-
health goals” model. [Method/Process] Users with lupus erythematosus from
online health communities were selected as survey subjects. Clustering methods
were employed to identify groups with different overall levels of personal health
information management behavior, and One-way ANOVA was utilized for com-
parative studies among different groups. [Results/Conclusion] Personal health
information management behaviors conducted via online health communities
are defined as health information discovery, health information interaction, and
health information sharing. Data analysis reveals that: first, patients with lu-
pus erythematosus in online health communities exhibit significant differences
in personal health information management behavior levels; second, users’ per-
ceived social support is positively correlated with their personal health infor-
mation management level; third, a positive correlation exists between personal
health information management and users’ health goals. This study provides
recommendations for online health communities to improve their services and
enhance personal health information management levels among chronic disease
patients.
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Abstract
[Purpose/Significance] This study aims to analyze the behavioral characteris-
tics of personal health information management among online health community
users and explore the relationships among the elements in the “platform-PHIM-
health goals” model. [Method/Process] Users with lupus erythematosus from
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online health communities were selected as survey subjects. Clustering methods
were employed to identify groups with different overall levels of personal health
information management behavior, and One-way ANOVA was used for compar-
ative analysis across different groups. [Results/Conclusion] Personal health
information management behaviors conducted through online health communi-
ties are defined as health information discovery, health information interaction,
and health information sharing. The data analysis reveals three key findings:
First, lupus patients in online health communities exhibit significant differences
in their levels of personal health information management behavior. Second,
users’ perceived social support is positively correlated with their personal health
information management level. Third, personal health information management
is positively correlated with users’ health goals. This study provides recommen-
dations for online health communities to improve their services and enhance
personal health information management capabilities among chronic disease pa-
tients.

Keywords: online health community; personal health information manage-
ment; personal information management; social support; health goals

Introduction
With the development of industrialization, urbanization, population aging, and
changes in ecological environments and lifestyles, chronic diseases have become
the leading cause of death and disease burden among Chinese residents. The
“Healthy China 2030” Planning Outline, issued by the CPC Central Committee
and the State Council, proposes goals and tasks for building a healthy China. It
emphasizes that guiding people to establish correct health perspectives, strength-
ening early interventions, and fostering healthy lifestyles, ecological environ-
ments, and social environments to promote a shift from disease-centered to
health-centered care are crucial measures for improving people’s health levels
[1]. The Outline advocates the concept that “everyone is the first person respon-
sible for their own health,” which requires individuals to actively participate in
Healthy China initiatives, enhance personal health literacy, cultivate healthy
lifestyles, and achieve personal health goals.

Domestic research in the PHIM field began relatively late but has developed
rapidly in recent years. Studies have explored various aspects from different re-
search contexts, including health information needs mining [3-5], health literacy
[6-9], health information seeking [10], and health information sharing [11-12].
The importance of personal health information management behavior for im-
proving national health levels has received widespread attention from academia.

Online health communities, as platforms for health information exchange and
sharing in the internet environment, have developed rapidly in recent years.
With diverse health themes and operational models, these communities can
provide customized health information services for different population groups,
attracting a large number of users. Online health communities allow members
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to share health information, particularly experiential information about per-
sonal health problems, and encourage interaction among members [13], making
them one of the most important platforms for searching and exchanging health
information [14]. Consequently, online health communities and their user be-
haviors have become significant research objects in personal health information
management (PHIM) studies.

PHIM is an effective approach to improving personal health levels. Currently,
PHIM research based on online health communities generally focuses on inde-
pendent analysis of users’ health information behaviors, with few studies ex-
ploring the relationship between online health communities and personal health
information management behaviors, or the role of personal information manage-
ment conducted through online health communities in helping users achieve per-
sonal health goals. In short, existing research lacks deeper understanding of the
“platform-PHIM-health goals” model. Based on the above discussion, this study
attempts to investigate and analyze the behavioral characteristics of personal
health information management among online health community users, and ex-
plore the relationships among the elements in the “platform-PHIM-health goals”
model. Through survey analysis, this research aims to deepen understanding of
this model, clarify the connections among its three components, and provide rea-
sonable suggestions for online health communities to improve their services and
promote personal health information management capabilities among chronic
disease patients.

Theoretical Foundation
2.1 Personal Health Information Management

The concept of personal health information management originates from per-
sonal information management. In 1988, M. W. Lansdale first proposed the
term personal information management (PIM), defining it as “the methods and
processes by which we handle, classify, and retrieve information in our daily
lives” [15]. As research has progressed, the core concept and scope of PIM have
become increasingly clear. Scholars generally agree that PIM refers to the prac-
tices and research involved in acquiring, organizing, maintaining, and retrieving
information for daily use [16-18]. PIM encompasses a wide range of activities,
including information acquisition, creation, storage, organization, maintenance,
retrieval, use, and dissemination, with the goal of helping individuals complete
relevant tasks or fulfill responsibilities [19]. W. Jones, a pioneer in PIM re-
search, identifies three types of activities in PIM practice: “finding activities”
(from needs to information), “keeping activities” (from information to needs),
and “meta-level activities” (focusing on the connection between information and
needs) [17-19].

Thus, the PIM process is one of establishing, using, and maintaining a mapping
between information and needs [17-19], where creating a connection between
needs and information means creating a mapping. Through comprehensive re-
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view of domestic and international research, this study defines PHIM as the
practice of acquiring, organizing, using, and sharing personal health information
to achieve personal health goals [2], and as a process of establishing, using, and
maintaining a mapping between health information and health needs through a
series of health behaviors. In specific research and practice, PHIM can be consid-
ered a collection of personal health information behaviors [2, 32] that manifests
differently in various contexts, with the ultimate purpose of achieving personal
health goals: health cognition improvement, health action improvement, and
health attitude improvement. Health cognition improvement refers to the goal of
enhancing health knowledge levels and personal health literacy through health
information acquisition and processing. Health action improvement refers to
the goal of actively adopting healthy behaviors and cultivating healthy lifestyles
based on certain health cognition. Health attitude improvement refers to the
goal of developing a psychological tendency to actively participate in healthy
living and become the first person responsible for one’s own health.

2.2 PHIM in Online Health Communities

An online health community can be defined as a virtual forum where mem-
bers share common interests or needs regarding health issues [33-34]. Scholars
studying online health communities generally agree that these platforms can
provide social support to users. Although no universally accepted definition
of social support exists, academia consistently views it as a multi-dimensional
concept [35]. The social support provided by online health communities 主要包括
information support, emotional support, and instrumental/tangible support [35-
37]. This conceptual decomposition indicates that, on one hand, online health
communities can provide users with patient-experience-based information, un-
conventional information, and medical facts through their rich user-generated
content [38]. On the other hand, users’ empathy can develop and function
through shared experiences and social connections in the platform [39], foster-
ing a sense of belonging. Additionally, tangible assistance from online health
communities plays a positive role in patients’ health activities.

The social support provided by online health communities is crucial for promot-
ing users’ health information behaviors. S. Zigron and J. Bronstein’s research
indicates that online health communities enable patients to obtain multi-source
information and reduce fear and shame through personal information disclosure,
thereby gaining a sense of belonging [40]. L. Chen et al.’s research suggests
that social support in online health communities can influence personal health
knowledge and attitudes [41]. Based on a review of previous studies, this study
posits that the functional attributes of online health communities make them
platforms for personal health information management, and the social support
they provide can help users achieve their health goals through personal health
information management. According to the behavioral characteristics of on-
line health community users, this study summarizes PHIM behaviors conducted
through these platforms as health information discovery, health information in-
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teraction, and health information sharing. To explore the relationship between
online health communities and PHIM behaviors, and the role of PHIM in help-
ing users achieve health goals, this study investigates the relationships among
the elements in the “platform-PHIM-health goals” model.

Research Design
3.1 Research Sample and Questionnaire Design

This study selected users with lupus erythematosus from online health com-
munities as survey subjects. Lupus erythematosus is a chronic autoimmune
rheumatic disease most common among women aged 15-40. Because some symp-
toms are not easily observable to non-patients (e.g., fatigue), it is described as an
“invisible disease” [42]. Research shows that lack of understanding from others
makes lupus patients more susceptible to negative feedback, such as ineffective
social support [43, 44]. Treatment focuses on keeping the disease dormant to
reduce harm to the body. Therefore, daily medical care and self-monitoring are
crucial for lupus patients, and providing sufficient information can enhance med-
ication adherence [45]. Thus, online health communities that provide effective
social support are highly valuable for lupus patients [46].

The reasons for selecting lupus patients as subjects are: (1) they have high
personal health information management needs; and (2) lupus patients in online
health communities are relatively active, with high incidence rates of information
seeking, interaction, and sharing behaviors.

The survey questionnaire consisted of two parts: The first part collected de-
mographic characteristics to verify respondents’ identity and understand their
basic situations. The second part measured behaviors using scales for personal
health information management, social support, and health goals. The ques-
tionnaire design referenced studies by R. S. Valdez et al. [47] and S. Kim et
al. [2, 32]. Distributed through lupus online health communities and verified for
dual identity as “online health community users” and “lupus patients,” invalid
questionnaires were eliminated, resulting in 550 valid responses.

3.2 Data Analysis Methods

This study first employed K-means clustering to identify groups with differ-
ent overall levels of personal health information management behavior. After
assigning individuals to different groups through clustering, One-way ANOVA
with Games-Howell post-hoc tests was used to further explore differences among
groups across the social support and health goals dimensions. To enhance the
intuitiveness of results, Python was used to create three-dimensional coordinate
graphs for visualization.
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Data Analysis
4.1 Demographic Characteristics

The demographic characteristics of the research sample are shown in Table 1 .
The sample included 350 females (63.6%) and 200 males (36.4%), a reasonable
gender distribution given that lupus incidence is higher among females. The
age distribution skewed younger, with the largest group aged 21-30 years (270
people), and 92.7% aged 40 or younger. In terms of education, 219 respondents
(39.8%) had bachelor’s degrees or higher, while 181 (32.9%) had high school
education or below. Diagnoses included systemic lupus erythematosus, discoid
lupus erythematosus, subacute cutaneous lupus erythematosus, lupus erythe-
matosus profundus, and drug-induced lupus erythematosus, with systemic lu-
pus erythematosus being most common. As lupus exists on a disease spectrum
with unclear boundaries between conditions, disease statistics were used only
for identity verification. The survey also measured disease duration from diag-
nosis to survey date, with the largest groups being those diagnosed within 6
months and those between 6-12 months, showing a decreasing trend as duration
increased.

4.2 Patient Types

Through K-means cluster analysis, this study identified three distinct user type
groups, as shown in Figure 1 [Figure 1: see original paper]. The three groups
differed in their levels of personal health information management behavior
and were named the active group, intermediate group, and passive group. In
Figure 1, the active group (n=249, 45.3%) is shown in red, the intermediate
group (n=229, 41.6%) in yellow, and the passive group (n=72, 13.1%) in black.
The mean scores and inter-group differences for the three behaviors—health
information discovery, health information interaction, and health information
sharing—are presented in Table 2 .

4.3 Group Comparisons

4.3.1 Social Support Group Comparison After clustering all survey sam-
ples into three groups, this study analyzed differences among the groups across
the social support dimension. One-way ANOVA results showed significant dif-
ferences among the three groups in the three social support sub-dimensions: in-
formational support, emotional support, and instrumental support (p<0.001).
Mean scores revealed a decreasing trend from the active group to the intermedi-
ate group to the passive group across all three sub-dimensions. The distribution
of individuals across groups is shown in Figure 2 [Figure 2: see original paper].

4.3.2 Health Goals Group Comparison For the three sub-dimensions of
health goals, One-way ANOVA was similarly used to explore group differences.
Results showed significant differences among the three groups in health cogni-
tion improvement, health action improvement, and health attitude improvement
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(p<0.001). Mean scores again showed a decreasing trend from the active group
to the intermediate group to the passive group across all three sub-dimensions.
The distribution of individuals across groups is shown in Figure 3 [Figure 3: see
original paper].

Results Discussion
5.1 Differences in Users’ Personal Health Information Management
Levels

This study categorized users into three groups based on their PHIM behavior
levels: health information discovery, health information interaction, and health
information sharing. The health information interaction dimension included
items measuring “commenting on others’ posts,” “asking questions for answers
or help,” and “replying to others’ comments or questions.” The health infor-
mation discovery and sharing dimensions measured four items each: “disease
information,” “treatment information,” “care information,” and “daily life infor-
mation.” The analysis revealed significant differences in PHIM behavior levels
among lupus patients in online health communities. Among the 550 respon-
dents, the high-scoring active group comprised 249 individuals, the intermediate
group 229, and the low-scoring passive group 72. Score levels reflected users’
activity levels in interaction, information seeking, and sharing within online
health communities.

This classification aims to clarify that lupus patients in online health communi-
ties differ in their reception of platform information services. These differences
stem subjectively from users’ varying health and information literacy levels, and
objectively from the degree to which platform information services meet users’
personalized needs. Current information services advocate a user-centered phi-
losophy, which requires first recognizing differences among users. While all
respondents shared the condition of lupus and thus had similar health informa-
tion service needs, their PHIM capabilities showed significant variation when
facing the same services, inevitably leading to different user experiences. This
phenomenon creates a filtering effect where “services select users,” potentially
causing the passive group with lower PHIM capabilities to gradually become
lost users. Therefore, targeted customized services should be developed to ad-
dress user differences, such as providing keyword recommendations for users
who cannot clearly describe their information needs or formalizing descriptions
of user need attributes and their relationships. Customized services can trans-
form “services selecting users” into “users selecting services,” representing a
viable approach for online health communities to improve service quality.

5.2 Personal Health Information Management and Social Support

This study divided social support provided by online health communities into
informational support, emotional support, and instrumental support. Informa-
tion support items measured the community’s provision of “relevant knowledge,”
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“treatment options,” and “medical updates.” Emotional support items measured
support in “stabilizing emotions” and “enhancing confidence.” Instrumental
support items measured assistance in “health monitoring,” “medication adher-
ence,” and “health management plan development.” While social support has
long been a focus of online health community research, this study’s exploratory
analysis attempted to demonstrate the connection between social support and
PHIM. Results showed: (1) groups with different PHIM behavior levels had sig-
nificantly different social support scores; and (2) scores decreased progressively
from the active to intermediate to passive groups.

Regardless of how social support is defined, it is essentially a helping behavior.
Previous research has focused on demonstrating whether this “help” is effective.
This study argues for a deeper investigation, as the relationship is not simply
unidirectional. The data show a positive correlation between perceived social
support and PHIM level: higher PHIM capability corresponds to greater social
support. This study posits a mutually reinforcing relationship between social
support and PHIM. On one hand, patients obtain informational, emotional,
and instrumental support from online health communities, thereby improving
their PHIM behavior levels. On the other hand, patients with higher PHIM
engagement and capability can better extract health-promoting assistance from
social support. This conclusion reminds us that individual capability affects
the effectiveness of help received. Therefore, emphasizing PHIM behavior and
improving PHIM capability not only enhances personal health levels but also
improves the utilization effectiveness of public health resources.

5.3 Personal Health Information Management and Health Goals

This study defined health goals for online health community users as health
cognition improvement, health action improvement, and health attitude im-
provement. Health cognition improvement refers to enhanced understanding
of one’s health status and health knowledge levels, such as better understand-
ing of disease-related knowledge and treatment research progress. Health ac-
tion improvement refers to patients actively taking practical actions to improve
their health status, such as developing personal health plans and enhancing
medication adherence. Health attitude improvement refers to improved psycho-
logical states regarding their condition, taking more responsibility for personal
health, and developing more optimistic emotions. The data analysis revealed:
(1) groups with different PHIM behavior levels had significantly different health
goal scores; and (2) scores decreased progressively from the active to intermedi-
ate to passive groups.

This study proposed that the purpose of PHIM is to achieve personal health
goals. The data analysis confirms a positive correlation between PHIM and
health goals among online health community users: lupus patients with higher
PHIM levels also achieved better health goal outcomes. Conversely, as pa-
tients’ health cognition, actions, and attitudes improve, their PHIM capabilities
also increase, indicating a mutually reinforcing relationship. In practical terms,
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improving health cognition, practicing health actions, and enhancing health at-
titudes are crucial for chronic disease patients to stabilize their conditions and
gradually improve their quality of life. These goals are achieved through PHIM.
The “Healthy China 2030” Planning Outline advocates that everyone is the first
person responsible for their own health, requiring individuals to actively partic-
ipate in Healthy China initiatives by improving health literacy and cultivating
healthy lifestyles to achieve personal health goals. Therefore, conducting PHIM
is an effective pathway for implementing “Healthy China 2030.”

Research Conclusion
Currently, both academic research and social practice of personal health infor-
mation management in China are in their early stages. Although PHIM plays
a positive role in helping chronic disease patients monitor their conditions, pa-
tients’ PHIM needs, technical support, and policy promotion have not received
widespread attention. This study’s survey results indicate that chronic disease
patients have high PHIM needs and take action accordingly. Therefore, the
health service industry should actively identify and respond to these needs by
developing appropriate service models to help users effectively manage their
personal health information.

To implement the “Healthy China 2030” Planning Outline, it is essential to
popularize healthy living concepts and optimize health information services.
The significance of PHIM lies in emphasizing the utilization of personal health-
related information in daily life and taking effective intervention measures for
health issues. Currently, promoting PHIM in China should involve targeted
health education based on different population characteristics, improving per-
sonal health literacy to make health knowledge, behaviors, and skills universal
qualities and capabilities.

This study defined PHIM behaviors through online health communities as health
information discovery, health information interaction, and health information
sharing. Through investigation, analysis, and discussion of lupus patients using
online health communities, this research reveals characteristics of chronic disease
patients’ PHIM behaviors and proposes a bidirectional, mutually reinforcing re-
lationship among online health communities (platform), personal health infor-
mation management, and health goals. This study clarifies the relationships
among elements in the “platform-PHIM-health goals” model, aiming to deepen
understanding of this model and provide reasonable recommendations for online
health communities to improve their services and promote PHIM capabilities.
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