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Abstract

[Purpose/Significance] Online health communities serve as vital platforms
for individuals concerned with health issues to exchange experiences, knowl-
edge, and emotions, while user participation constitutes the cornerstone of
community development. A comprehensive review of the factors influencing
user participation behavior can provide systematic reference for research in
this domain. [Method/Process] From a comprehensive information ecosystem
perspective, this study systematically reviews the principal achievements
and current research status regarding the influencing factors and influencing
mechanisms of user participation behavior across four dimensions: information
user, information, information technology, and information environment.
[Results/Conclusion]| User participation behavior is comprehensively influenced
by the multiple dimensions of information user, information, information
technology, and information environment. The relevant research achievements
are relatively abundant, and a relatively mature research topic has been
established. Future research trends are discussed from perspectives including
community type, user type, and sustained participation.

Full Text
Abstract

[Purpose/Significance] Ounline health communities (OHCs) are important
platforms for individuals concerned about health issues to exchange experi-
ences, knowledge, and emotions, and user participation is key to community
development. A comprehensive review of the factors influencing user partic-
ipation behavior can provide systematic reference for research in this area.
[Method/Process| From the comprehensive perspective of information ecosys-
tems, this paper systematically reviews the primary achievements and current

chinarxiv.org/items/chinaxiv-202304.00326 Machine Translation


https://chinarxiv.org/items/chinaxiv-202304.00326
https://chinarxiv.org/items/chinaxiv-202304.00326

ChinaRxiv [$X]

research status regarding the influencing factors and mechanisms of user par-
ticipation behavior across four dimensions: information people, information,
information technology, and information environment. [Result/Conclusion]
User participation behavior is comprehensively influenced by all dimensions of
information people, information, information technology, and information envi-
ronment, with relatively abundant relevant achievements having formed mature
research topics. Finally, this paper looks forward to future research trends from
the perspectives of community types, user types, and continuous participation.

Keywords: online health communities; user participation behavior; informa-
tion ecosystem; literature review

Online health communities (OHCs) are web-based interactive platforms where
individuals concerned about health problems share health information, knowl-
edge, emotions, and experiences with other community users. OHCs reduce
the cost for patients seeking health information and medical assistance while
providing hospitals with opportunities to expand their markets [1], and doctors
even have the right to price online services [2]. Supported by policies such as
the Healthy China Strategy and “Internet Plus Healthcare,” online health com-
munities are developing vigorously with diverse types and distinctive features,
broadly falling into two categories: first, P2D (patient-to-doctor) communities
with doctor-patient interaction formats, such as Haodf.com, Xunyiwenyao, and
WeDoctor; second, P2P (patient-to-patient) communities where patients com-
municate with each other, such as Sweet Home and Baidu’s smoking cessation
forum. According to a survey report by Guanghua Bost Consulting, the Internet
Plus Big Health industry represents a major future trend [3]. The rapid develop-
ment of online health communities holds significant importance for innovating
medical service models, improving healthcare environments, and enhancing pub-
lic self-health management.

Some scholars have already reviewed and organized literature related to online
health communities. For example, Zhao Dongxiang reviewed domestic research
status on OHCs from three dimensions: information, users, and community [4].
Zhang Min et al. systematically reviewed empirical research on online health in-
formation seeking behavior from the perspectives of knowledge systems, influenc-
ing factors, and frontier analysis [5]. The aforementioned studies organized the
main achievements of OHC research from perspectives such as domestic research
status and user help-seeking behavior, which helps to initially understand rele-
vant research trends, but lacks systematic interpretation of influencing factors
and mechanisms of user participation behavior in OHCs both domestically and
internationally. Notably, the healthy development of OHCs depends on users
actively participating to create and share knowledge [6]. Deeply understanding
the factors influencing user participation in OHCs helps grasp the patterns and
psychological models of user participation behavior, enhances users’ continuous
participation willingness, and has profound significance for standardizing com-
munity management and optimizing community functional services. In view
of this, this paper aims to comprehensively review the influencing factors and
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mechanisms of user participation behavior in OHCs from the comprehensive
perspective of information ecosystems, examining four dimensions: information
people, information, information technology, and information environment.

2 Literature Screening and Preliminary Statistical Analysis

This study primarily used Web of Science, EBSCO, Elsevier, Google Scholar,
China National Knowledge Infrastructure (CNKI), and VIP Chinese Science and
Technology Journals Database as retrieval sources. Following J. Webster et al.’s
recommendations for literature reviews [7], we identified relevant research from
citations of retrieved literature and source documents citing these papers to ex-
pand the scope of reviewed achievements. The main retrieval approaches were:

Subject retrieval in academic databases including CNKI, VIP, SpringerLink,
and Elsevier ScienceDirect, with English search terms “(Online OR Virtual OR
Digital) AND (‘health community’ OR ‘health forum’) AND User” and Chinese
subject terms “FE£fEHX" (online health community), “FEEEHLK” (network
health community), “E#EERK” (virtual health community), or “HE&EFHX”
(online medical community). We then manually screened literature by reading
titles and abstracts; Citation identification, using initially screened literature
as sources to identify relevant studies from their references; Backward search,
using citation index databases such as Web of Science and CSSCI to retrieve
source documents citing the above literature and selecting thematically relevant
research. Additionally, literature quality and research type were screening crite-
ria, with this paper focusing on original research and excluding review sources.

Ultimately, 73 papers were selected, including 24 Chinese and 49 English arti-
cles. To better understand the macro perspective of OHC user participation
behavior research, we conducted preliminary statistical analysis of source litera-
ture, with results shown in [Figure 1: see original paper]|. From the publication
years, between 2004 and 2018, the number of published papers showed an overall
upward trend, particularly accelerating since 2017. This indicates that OHCs
are receiving increasing attention from scholars, with related research achieve-
ments continuously growing. To ensure topical relevance, this paper focuses
more on research published in the last four years, including two latest studies
from 2019.

Table 1 shows the main sources of research literature, listing only journals and
conference proceedings with three or more papers. As shown in Table 1, research
on OHC user participation behavior primarily involves information science, med-
ical informatics, management, and other fields, reflecting its interdisciplinary
nature. According to participation objects, participation modes, and scholars’
naming conventions, participation behavior types are diverse. Table 2 lists some
representative types of user participation behavior, including lurking behavior,
help-seeking or searching behavior, information disclosure behavior, sharing be-
havior, contribution behavior, adoption behavior, and usage behavior, as well as
social behavior, social support behavior, and patient doctor-selection behavior
among users. Most scholars focus on ordinary users, with few studies addressing
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professional users’ participation behavior.

3 Comprehensive Influence Model of User Participation Be-
havior in Online Health Communities

OHC user participation behavior is influenced by comprehensive factors includ-
ing users themselves and other users, information, platform technology, and
the information environment, which interact to form an information ecosystem.
As shown in [Figure 2: see original paper], users, as the main subjects of in-
formation exchange and sharing, are influenced by both individual factors and
interactions among users. Information is the object users produce and consume,
and its quality and privacy concerns affect user participation behavior. Infor-
mation technology provides support and guarantee for users to participate in
information sharing, and its usefulness, ease of use, and platform function and
structure design all affect user participation experience. The information en-
vironment is the venue for user community activities, and user participation
behavior is affected by economic, cultural, social, and other factors. There-
fore, this paper comprehensively reviews the influencing factors of OHC user
participation behavior from four dimensions: information people, information,
information technology, and information environment.

3.1 Research on the Information People Dimension

Through literature review and analysis, we found that factors influencing user
participation behavior in the information people dimension mainly come from
two parts: first, the influence of individual user factors; second, the influence of
user interaction behaviors, meaning participants’ behaviors are simultaneously
affected by other participants’ interactions [44].

3.1.1 Influence of Individual Factors on User Participation Behavior
Individual factors’ influence on ordinary users’ participation behavior is mainly
reflected in age, gender, personality, activity level, health status, personal goals,
motivation, and perceived cost-benefit, while the influence on professional users
is mainly reflected in motivation (see Table 3 ).

(1) Numerous studies show that ordinary users’ participation behavior is af-
fected by many factors. Regarding age, middle-aged users’ willingness to
use mobile health services is negatively affected by resistance to change,
while older adults are positively influenced by technology anxiety and self-
actualization needs [22], and young people have greater concerns about
Internet potential risks than older adults [26]. Regarding gender differ-
ences, males typically post more professional content, use more medical
terminology, and are more central and influential in friendship networks
than females; female users are more inclined to seek emotional support in
health communities and express more negative emotions than male users,
particularly anxiety and sadness [45]. Regarding personality, users with
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high emotional stability are calmer in information search processes, make
more accurate judgments about information quality, which facilitates infor-
mation perception and adoption; conscientious users examine information
search results more carefully and have higher requirements for information
reliability and quality [10]. Regarding activity level, active participants
better perceive community social support [46]. User participation in com-
munity activities requires good physical condition; otherwise, it hinders
their contribution to the community [8]. When health status improves,
their participation enthusiasm increases. For example, A. Smedberg found
that members of an overweight community who lost more weight and be-
came healthier were more active in community conversations [47]. Per-
sonal goals reflect people’s internal needs, and pursuit of goals positively
affects user behavior and health status [48], but when goals are achieved,
users are likely to lurk in the community [8].

Motivation is the internal driving force that stimulates human behavior. Due to
the special nature of OHCs, users ultimately join communities to improve health
status [48], and the information and emotional support provided in communities
benefit patients physically and mentally [27, 49]. Members with social-emotional
motivation are more willing to provide support in communities, which relates
to strong community belonging, connectedness, and perceived less stress, while
information motivation relates to receiving support in communities [50]. For
novice users, self-monitoring motivation is the main reason for habitual use
of online fitness communities; social motivation and enjoyment motivation are
more important for experienced users [25]. Knowledge sharing behavior can be
divided into general and special knowledge sharing, with different motivations
for these two behaviors. Altruism positively affects general knowledge sharing
but negatively affects special knowledge sharing, while knowledge self-efficacy
has significant positive effects on both general and special sharing [16]. J. E.
Chung found that besides seeking information, users’ strongest motivation is
providing social support to other users [51], which aligns with Zhang Xing et
al’s [16] research conclusions, both affirming altruism’s positive role in user
participation.

Perceived cost and benefit represent users’ trade-offs when participating in com-
munity activities. When perceived benefits outweigh costs, users actively par-
ticipate in community activities to enhance their knowledge utility; otherwise,
users only passively participate or even leave the community [52]. T. Zhao et
al. believe perceived benefits come from reputation enhancement, self-worth,
and sense of belonging, while costs mainly include execution costs and cogni-
tive costs [6]. Z. Yan et al. more finely explored differences between general
and special knowledge sharing. Self-worth, perceived social support, and rep-
utation enhancement positively affect both sharing behaviors. Face negatively
affects special knowledge sharing behavior but positively affects general knowl-
edge sharing. Execution costs only negatively affect general knowledge sharing,
while cognitive costs only negatively affect special knowledge sharing [17]. X.
Zhang et al., based on status quo bias theory, believe sunk costs and health
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service habits negatively affect perceived benefits; transition costs and privacy
protection beliefs positively affect perceived costs [26]. Zhang Xing et al. believe
emotional support and personalized services positively affect users’ information
disclosure attitudes, while perceived privacy costs hinder information disclosure
[11].

(2) Professional users’ willingness to share information in health communities
is mainly driven by knowledge self-efficacy, altruism, shared vision, and
personal rewards. For example, T. C. Lin et al., based on social exchange
theory, believe doctors participate in medical forums as knowledge contrib-
utors, with shared vision being the most important factor affecting their
sharing attitudes, followed by knowledge sharing self-efficacy and altruism
[19]. However, X. Zhang et al. believe that compared with ordinary users,
altruism’s effect on professionals is not significant because professionals
have limited time and tend to give medical advice face-to-face to ensure
safety and accuracy [18]. F. Liu et al. found that economic and reputation
rewards are important internal factors motivating doctors to contribute
in communities [34].

3.1.2 Influence of User Interaction Relationships on Participation Be-
havior Users in health communities do not exist in isolation. Behaviors such
as posting, replying, commenting, and liking constitute interaction relationships
among users. User participation behavior is influenced by other users’ attitudes,
concepts, and behaviors during continuous interaction processes. Different types
of users have different interaction methods and mechanisms. Therefore, this
section reviews the influence of user interaction relationships on participation
behavior from three aspects: social preferences, community peer support, and
patient doctor-selection behavior, with specific research content shown in Table
4.

(1) In community friend selection, homophily is one of the important factors
users value. In other words, people prefer to maintain social relationships
with similar others in virtual environments, including same gender, sim-
ilar region, or same disease type [28, 31]. For example, D. Centola et
al. found in a fitness program that active participants cared little about
other users’ health levels and exercise conditions (such as exercise prefer-
ences and experiences), but instead selected partners based on similarity
in gender, age, and BMI (body mass index) [30]. Additionally, people
with high social capital often have more social resources, making it easier
to attract other users’ attention and build connections. Social capital in
communities is mainly reflected in friend quantity and activity level [28].
Wu et al., based on triadic closure theory, believe that friends of friends
are more likely to establish friendships [31]. K. T. Durant et al. found that
social preferences in health communities show gender differences: males
prefer socializing in large, less intimate groups; female patients are more
likely to establish highly intimate connections with other female patients
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[53].

(2) Support from community peers meets members’ different needs and
enhances user participation enthusiasm. Community member support
mainly includes information support, emotional support, companionship
[40], and social support [54]. Due to differences in health community
types, users in different communities have varying demands and effects
for different types of peer support. In obesity forums, stronger perceived
information and emotional support increases users’ enthusiasm for
community activities [43]. In Baidu’s AIDS forum, information support
is most needed [39]; in OCD communities, emotional support behaviors
appear most frequently [41]. In smoking cessation communities, peers’
positive evaluation of NRT (nicotine replacement therapy) promotes
users’” NRT use and improves health status [29]. In Baidu’s smoking
cessation forum, social support has a strong positive effect on user
participation enthusiasm; users who received replies after their first post
have significantly longer retention and activity than those who did not
[54]. Although information support and emotional support significantly
affect user participation behavior, companionship is key to retaining
members. Users with information needs often leave the community after
obtaining desired information [40].

(3) Doctor-patient interaction mainly occurs in P2D communities, benefiting
both parties. For patients, information provided by medical professionals
is considered authoritative and reliable. The presence of professionals to
some extent indicates that information quality in the community is con-
trolled, making patients more trusting and assured when adopting infor-
mation [55]. For medical professionals, participating in OHCs enhances
their sense of self-actualization, self-worth, satisfaction, and community
consciousness [56]. However, interaction effects are affected by both par-
ties” knowledge exchange volume, patients’ trust in doctors, and patients’
benefits, while patients’ waiting time costs and doctors’ coding costs neg-
atively affect knowledge exchange effectiveness [57].

Typical P2D communities include Haodf.com, Xunyiwenyao, and WeDoctor. In
such communities, patients can identify preferred doctors through hospital, de-
partment, and review information. Factors influencing patient doctor-selection
have become a research hotspot. Through comprehensive analysis, influencing
factors can be categorized into reputation (word-of-mouth) and service quality.

First, doctors’ online reputation is a major concern for patients when making
online appointments and consultations, significantly and positively affecting pa-
tient choice [37]. Besides doctors’ own reputation, peers’ reputation also affects
patient choice behavior. H. Wu et al. found that doctors with above-average rep-
utation among colleagues are more likely to receive treatment opportunities [1].
Y. Zhao et al. believe that appointment numbers of other doctors in the same
department significantly and positively affect patient decisions, indicating mu-
tual promotion of appointment numbers among doctors in the same department
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[37).

Second, doctors’ service quality positively affects patient satisfaction. H. Wu
et al. believe price is an important factor measuring service quality and found
through empirical research that average price and patient satisfaction follow a U-
shaped relationship, peaking at about 330 RMB. When price is below 330 RMB,
higher price means higher service quality and patient satisfaction; when price
reaches this threshold, higher prices make patients feel unreasonable, reducing
their satisfaction [2]. H. Yang et al. believe response speed (doctor’s reply
speed) and interaction frequency (number of interactions between doctor and
patient) in the service process positively affect patient satisfaction [36]. X. Cao
et al. found that disease knowledge increases the importance of service quality
in patient choice [38].

3.2 Research on the Information Dimension

From the information dimension, information quality and privacy concerns sig-
nificantly affect user participation behavior (see Table 5 ).

(1) Obtaining medical and health-related information is the main reason users
join OHCs, and the quality of obtained information becomes an important
consideration for whether they remain in the community. High-quality in-
formation is significant for health-related decision-making, while sharing
poor-quality information may harm users [58]. Therefore, how to judge
information quality is particularly important for users. R. Lederman et
al. use reference credibility, argument quality, verification, contributor lit-
eracy, and group consensus as five criteria for evaluating scientific and
experiential information in health communities [59].

The information adoption model emphasizes the mediating role of perceived
usefulness in information adoption [60]. Zhang Min et al., based on this model,
measure information quality from three aspects: information accuracy, timeli-
ness, and relevance [9]. Regarding information accuracy, easy-to-understand,
extensive information provided by core users makes users more likely to stay in
the community, while information from peripheral users is often unprofessional
or even contains errors, making users question community information quality
and choose to leave [42]. Regarding information relevance, users prefer to obtain
professional advice and knowledge from doctors, such as understanding disease
nature; when learning about treatment experiences and sharing feelings, they
prefer communicating with peer patients [61]. Regarding information timeliness,
H.-S. Kim et al. found that most health websites provide the latest information
unavailable on other sites [62].

Information credibility also positively affects users’ trust in the community,
thereby influencing their information adoption willingness [20, 63]. Community
managers can encourage users to provide high-quality information through eco-
nomic rewards and reputation points [63]. Setting minimum word counts for in-
formation posting can improve information completeness [63], which helps users
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evaluate information quality [64]. Additionally, patients pay great attention to
information diversity, even more than information reliability [65]. Abundant
resources contribute to community sustainable development [62].

(2) Privacy risks perceived by users during information sharing create a self-
protection mechanism, causing them to actively hide personal information,
which is not conducive to information exchange among community users
[12]. In other words, privacy concerns negatively affect users’ information
disclosure willingness [66]. This uncomfortable information disclosure is
also an important reason for user lurking [8]. Understanding antecedents
of privacy issues, including perceived vulnerability, perceived severity, self-
efficacy, and response efficacy, can mitigate obstacles to personal health
information disclosure [13]. Age and health status affect users’ privacy
concerns. Compared with older adults, young people, aware of online
environment uncertainties, pay more attention to protecting personal pri-
vacy. People with poorer health are more willing to disclose their health
privacy to obtain information and emotional support [14].

3.3 Research on the Information Technology Dimension

The functions and structure of OHCs are not perfect, and users encounter vari-
ous problems when sharing information. Information overload, information con-
tradiction, response delays, lack of key information, ethics and data protection,
and adaptation to medical terminology may cause communication barriers and
disconnections among users [67]. Solving these problems requires information
technology support to better ensure safe and convenient information sharing in
communities.

Based on existing literature, this paper reviews influencing factors and mech-
anisms of information technology on user participation behavior from aspects
of technology acceptance, platform top-level design, and interactive function
design, with main results shown in Table 6 .

Technology acceptance is commonly described using the Technology Acceptance
Model (TAM) to explain its influence on user participation behavior. It focuses
on two core variables: perceived usefulness and perceived ease of use affecting
attitudes and behavioral intentions. Perceived usefulness refers to the degree
to which a person believes using a particular system will enhance their work;
perceived ease of use refers to the degree to which a person believes using a
particular system requires no effort [68]. Research results show that perceived
usefulness and perceived ease of use significantly and positively affect users’
usage intention [9, 23, 24, 68].

Top-level design is significant for promoting deep application of health informa-
tion platforms. The service-dominant logic, which values intangible resources
represented by knowledge, has attracted many scholars’ attention, promoting
organic integration of social and technical systems in platforms. The cyber-
physical system compensates for service-dominant logic’s lack of technical de-
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tails, emphasizing integration of intelligent terminals, human-computer interac-
tion, and other new technologies to improve health information platform ser-
vice functions. Based on this, Luan Shidong et al., grounded in the reality of
Foshan’s health information platform, incorporated service-dominant logic and
cyber-physical system architecture into its top-level design [69].

Interactive function design is an important factor for achieving community sus-
tainable development. Community infrastructure construction requires finan-
cial support, and how to attract external sponsorship to improve community
functional structure is a question worth considering for OHC operators [62].
Information service quality affects users’ participation decisions. Specifically,
optimization can be made in the following aspects: establishing network infor-
mation editing and review procedures to restrict the spread of bad and false
health information; providing detailed condition description interfaces and one-
on-one expert consultation to enhance information service accessibility; embed-
ding instant voice chat modules to meet users’ real-time chat needs; developing
matching algorithms to help users find “similar” friends [70]; and developing
specific request functions in online friend forms and collective community feed-
back in popular prompt forms [71]. Regarding ensuring user privacy security,
developers should consider providing personal control options for participating
in data sharing when designing programs to improve transparency of health in-
formation exchange processes and reduce consumers’ privacy concerns [72], and
explain to users in detail the purposes and advantages of health applications,
emphasizing privacy data protection and establishing certain rules in this regard
[27].

3.4 Research on the Information Environment Dimension

The information environment is the background and venue of the information
ecosystem [73], encompassing comprehensive factors such as social, economic,
and cultural elements. Existing research mainly proceeds from perspectives of
social support, social capital, and professional capital, with relevant research
achievements shown in Table 7 .

Social support is resource exchange between providers and recipients aimed at
enhancing recipients’ benefits [74]. Social support in OHCs mainly includes
three types: information support, emotional support, and companionship [40].
Community users all need social support, but users from different countries and
cultural backgrounds have different demands for different types of social sup-
port. Long-term participating American users in health communities tend to
provide more information support, while Chinese users view communities as in-
formation sources and are less willing to actively share. Moreover, the frequency
of companionship themes is higher in American communities than in Chinese
communities [75], reflecting Chinese people’s reserved and introverted character
versus Americans’ enthusiastic and open character, differences produced under
the influence of different national cultures.
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Social capital is widely used as an external environmental factor predicting
user participation behavior. In health communities, social capital exchange is
asymmetric. Information recipients only accept help after determining contrib-
utors’ social capital, and in many cases, these recipients do not reciprocate [21].
Therefore, in this environment, promoting information sharing among commu-
nity users and maintaining community vitality is particularly challenging. J.
Zhao et al. found that trust, shared language, and network density, as three
dimensions of social capital, affect community members’ knowledge creation
behavior [33]. In the social capital dimension, trust’s positive effect on user
participation behavior is very significant, receiving attention and confirmation
from many researchers. For example, Chen Xing et al. believe that more so-
cial connections among users lead to higher trust, stronger knowledge sharing
willingness, and especially for sensitive information, only high trust between
parties can make knowledge sharing successful [15]. To some extent, trust di-
rectly affects members’ continuous usage willingness [33, 76]. Gratitude and
indebtedness emotions can moderate social capital’s effect on people’s willing-
ness to reciprocate in virtual health communities [32]. For doctors, obtainable
social influence is a type of social capital that motivates them to participate in
communities and contribute knowledge [34].

Professional capital, as the name suggests, is a rare, special, and lasting resource
owned by social professionals such as doctors, lawyers, and teachers. In health
communities, doctors possess professional capital, enabling them to exchange for
social returns (thank-you letters, virtual gifts, and votes) and economic returns
(phone consultations and virtual gifts). Professional capital is divided into status
capital and decision capital. Status capital comes from personal and social
advantages, such as doctors’ clinical levels, academic titles, and working in high-
level hospitals; decision capital refers to doctors’ expression ability, observation
ability, judgment ability, inspiration, and professional ethics in different or even
complex situations [35].

Additionally, socioeconomic factors affect users’ health searching behavior. Lack
of available resources caused by poverty, unemployment, or overpopulation af-
fects personal health, thereby affecting health information consumption [77].

4 Conclusions and Recommendations

Based on information ecosystem theory, this paper comprehensively reviews
influencing factors of OHC user participation behavior from four dimensions:
information people, information, information technology, and information envi-
ronment: From the information people dimension, user participation behavior
is mainly affected by individual factors and user interaction relationships. Re-
garding individual factors, research on ordinary users is abundant, including
gender, age, personality, motivation, health status, goals, perceived cost and
benefit, etc. Research on professional users mainly focuses on participation
motivation. The influence of user interaction relationships on participation be-
havior is mainly reflected in three aspects: social preferences, community peer
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support, and patient doctor-selection behavior. From the information dimen-
sion, information quality and privacy concerns affect user participation behav-
ior. Information quality includes relevance, accuracy, timeliness, credibility,
and diversity, while factors such as age, health status, and perceived vulner-
ability affect privacy concerns, thereby influencing user information disclosure
willingness. Regarding the information technology dimension, the Technology
Acceptance Model is widely applied, with perceived usefulness and perceived
ease of use being core indicators for evaluating platform technology. Addition-
ally, researchers provide new ideas for community construction from aspects
of top-level design, privacy security, and function improvement.  From the
information environment dimension, existing research emphasizes the role of
environmental factors such as social and economic culture from perspectives of
social capital and social support.

In summary, research on influencing factors of OHC user participation behavior
is relatively comprehensive from the information ecosystem perspective, with
both theoretical and empirical research, diverse research perspectives and meth-
ods, having formed a relatively complete and mature research topic. However,
existing research still has some limitations: Most existing studies focus on one
or several well-known health communities such as Haodf.com, WeDoctor, and
Sweet Home, but do not distinguish community types (P2P or P2D commu-
nities). Future research could conduct in-depth comparative analysis of user
participation behavior differences between these two community types. Re-
searchers focus more on ordinary users’ participation behavior, with fewer stud-
ies on professional user groups, mostly appearing in doctor-patient interaction
contexts. China’s aging problem is serious, with increasing demands for medical
care, patient care, domestic services, health preservation, and other livelihood
needs. Due to their specific professional identities and high professional back-
grounds, professional users are important forces for community knowledge con-
tribution and social service functions. There remains considerable research space
in professional users’ participation behavior patterns and knowledge supply and
transfer characteristics. Current research mostly focuses on OHC users’ initial
participation, with relatively insufficient research on continuous participation.
Improving health status is a long-term process, and both ordinary users’ con-
tinuous health knowledge seeking and reuse and professional users’ continuous
knowledge contribution have important research value.
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