ChinaRxiv [$X]

AT translation - View original & related papers at
chinarxiv.org/items/chinaxiv-202304.00081

The Relationship Between Online Education
Product Reviews and User Intention to Use:
Postprint

Authors: Chang Qing, Yang Wujian
Date: 2023-04-01T16:16:02+00:00

Abstract

[Purpose/Significance] Online education reviews are important factors influenc-
ing users’ selection and utilization of online courses. Research on the usefulness
of online education review information can assist users’ decision-making, en-
hance their usage intention, and drive the iterative updating of online education
products.

[Method/Process] Employing a combined approach of questionnaire surveys
and experimental research, this study analyzes the influence of online review
sentiment polarity (positive evaluation, negative evaluation) and product type
(search-type online education products, experience-type online education prod-
ucts, trust-type online education products) on the perceived usefulness of online
education reviews, while simultaneously investigating the impact of the useful-
ness and credibility of online education review information on the intention to
select and use such information.

[Results/Conclusion| For search-type and trust-type online education products,
negative reviews are more useful than positive reviews, while for search-type
online education products, review sentiment polarity exhibits no statistically
significant difference in review usefulness. When online education review infor-
mation is fixed as positive reviews, the moderating effect of online education
product type on perceived usefulness is not highly significant; however, when
online education review information is negative reviews, online education prod-
uct type demonstrates a significant moderating effect on the usefulness of online
education reviews.
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Abstract

[Purpose/Significance] Online education reviews are a crucial factor influenc-
ing users’ selection and use of online courses. Research on the usefulness of on-
line education review information can assist users in making decisions, enhance
their willingness to use such platforms, and promote iterative updates of online
education products. [Method/Process] This study employs a combination
of questionnaire surveys and experimental research to analyze how the emo-
tional polarity of online reviews (positive vs. negative evaluations) and product
types (search-based online education products, experience-based online educa-
tion products, and trust-based online education products) affect the perceived
usefulness of online education reviews. It also examines how the usefulness and
credibility of online education review information influence users’ intention to
select and use online education reviews. [Result/Conclusion] The findings
indicate that for search-based and trust-based online education products, neg-
ative reviews are more useful than positive ones, whereas for experience-based
products, there is no statistically significant difference in the impact of review
sentiment polarity on review usefulness. When online education review infor-
mation is fixed as positive, the moderating effect of product type on perceived
usefulness is not significant; however, when reviews are negative, product type
significantly moderates the usefulness of online education reviews.

Keywords: online education, online reviews, review intention, educational
product category

Introduction

With the rise of online education, online education reviews have gradually be-
come the primary means for users (learners, educators, and library resource
purchasers) to obtain information about online education resources and under-
stand online education service institutions, playing a vital role in users’ selec-
tion and usage decisions. Online reviews also serve as an important information
source for users, influencing not only potential users’ opinions but also ulti-
mately affecting the marketing of education platforms. They help users select
appropriate courses, increase stickiness between users and education products,
and significantly impact enhancing user trust and improving the visibility of
online education service platforms.
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Based on the direction of information dissemination, online education reviews
can be divided into positive and negative categories. Currently, positive re-
views dominate the online education market, though there is no consensus on
how negative versus positive reviews affect users. Some researchers argue that
positive reviews have greater impact, while more scholars contend that negative
information is more influential.

Users’ selection, usage, and purchasing evaluation behaviors vary with the at-
tributes of online education products, and users with different needs focus on
different aspects when choosing products. For search-based online education
products, relevant information can be easily obtained from advertisements and
introductions, making other users’ reviews less critical. Users and managers
want to spend minimal time searching for information, thus reducing the im-
portance of other users’ reviews for potential users. Ghose and Ipeirotis argue
that objective online review information is more useful for search-based prod-
ucts, while subjective reviews are more valuable for experience-based products.
Combining subjective reviews with objective descriptions provides users with
valuable reference information. For experience-based products, users struggle to
make definitive quality assessments when making choices and must rely heavily
on online reviews to reduce perceived risk. Due to significant information asym-
metry differences among search, experience, and trust-based education prod-
ucts, the relationship between online reviews and users’ selection willingness or
payment intention varies by product type. Therefore, studying review useful-
ness across different product attributes is extremely meaningful. Understanding
users’ attitudes toward and trust in online reviews can help online education
service institutions develop different review promotion strategies and manage
online reviews effectively under certain conditions. This study uses simulated
experiments incorporating real-world scenarios to explore how different online
education product types and review information polarity affect users’ willingness
to post reviews and make purchasing decisions.

1 Theoretical Research Background

Word-of-mouth effects are recognized as important factors influencing user deci-
sions with the rise of online education. The emergence of new media education
provides users with platforms to publish reviews on online media, facilitating
word-of-mouth dissemination. Online reviews, as a form of electronic word-of-
mouth, were first proposed by P. Chatterjee in the paper “Online Reviews: Do
Consumers Use Them?” Researchers define online reviews as users’ evaluations
of product quality, features, and experiences, consisting of reviewers, content,
and timing. Current research on online reviews primarily focuses on three as-
pects: online product sales, review usefulness, and product categories.
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1.1 Online Product Sales

Online reviews provide pre-decision references for users and represent a new pro-
motional sales format for online education resource service institutions. Their
impact on user selection behavior manifests primarily in usage volume changes,
with research focusing on how reviews affect selection behavior, usage quantity,
and efficiency. This mainstream area of research examines different online ed-
ucation types to explore how review quantity and service quality affect usage.
7. Ziqiong et al. studied the mathematical relationship between review scores,
extreme positive/negative ratios, and usage rankings using sample data from an
education product. Gong Shiyang et al. revealed through large-sample empiri-
cal research that online reviews significantly affect book sales. Li Jian discussed
how “review quantity” and “product attention” significantly impact online mo-
bile phone sales, while also noting that “timeliness” and “review usefulness” are
crucial factors. Yang Yang empirically analyzed the relationship between online
reviews and movie box office revenue, finding significant impacts. W. J. Duan
et al. argued that review content is less important than review quantity, while
J. A. Chevalier et al. contended that users value content over statistics. C.
Park et al. comprehensively analyzed the impact of negative online reviews on
attitudes toward learning products from an information processing perspective.
Liao Junyun et al. found that rating distribution deviation significantly nega-
tively affects sales, though brand effects can mitigate this impact. Zhu Shujiang
identified that reviews with images, follow-up reviews, word count, and price
all significantly positively affect product sales. Xia Meiyu’s research on online
travel also found that product maturity moderates the relationships between
negative review rates, follow-up reviews, itinerary ratings, rating differences,
and sales.

1.2 Usefulness of Online Reviews

All online education products have numerous reviews, making it difficult for
users to distinguish helpful ones and understand true product quality. Per-
ceived usefulness of online reviews reflects users’ perception of review quality—
how helpful reviews are for evaluating products and making decisions. Higher
perceived usefulness typically means greater decision-making assistance. Schol-
ars have focused on what factors influence users’ perception of review usefulness
and how users determine it. Different reviews may address different product
aspects, and even reviews in the same direction may not be consistent, causing
confusion for new users uncertain about which opinions to trust.

Some scholars use all reviews of a product to analyze relationships between
textual features, length, sentiment, and the subjective/objective descriptions
of usefulness. Guo Shunli et al. constructed a usefulness ranking model, show-
ing that top-ranked reviews are informative, multi-dimensional, and can better
meet users’ personalized information needs. Wang Zhisheng et al. explored key
attributes influencing users’ voting on review usefulness. Miao Rui et al., using
attribution theory, examined how review volume and the direction of differences
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between star ratings and average ratings moderate usefulness. He Jie studied
sentiment orientation in online course reviews using sentiment dictionaries and
machine learning. S. Mudambi et al. analyzed Amazon data, finding that re-
view polarity, depth, and product type affect perceived usefulness. Other schol-
ars have studied perceived usefulness from two-stage decision and text mining
perspectives, focusing on reviewers’ emotional attitudes and opinions but not
specifically evaluating usefulness from textual features.

1.3 Online Education Product Categories

When studying online education review usefulness, products can be catego-
rized by attributes into search-based, experience-based, and trust-based types.
Search-based education products have main attributes that can be objectively
evaluated through available information. Users can relatively grasp their intro-
ductions and functions through feature descriptions before use, such as software
learning content. Experience-based products require others’ experiences, trial
readings, or trial listening for users to understand product quality. These are
evaluated based on personal preferences and characteristics, with difficult-to-
define standards, such as online English speaking or listening courses. For trust-
based education products, users struggle to assess value, which mostly consist
of expert lecture services.

Different satisfaction formation mechanisms across product categories lead to
varying impacts of review information. D. S. Sundaram et al. found that product
characteristics affect how users process word-of-mouth information, with differ-
ent processing methods for different products. Wu Xiyu found that review text
sentiment polarity and diagnosticity positively affect electronic product sales.
Li Yuyu et al., focusing on search goods, found that review quantity signifi-
cantly affects sales while ratings do not. S. Senecal et al’s experiments showed
that experience-based product users rely more on others’ recommendations than
search-based product users. A. Ghose et al. argued that objective information is
more important for search-based products, while subjective evaluations matter
more for experience-based products. Y. Hao et al. studied product type and
review polarity influence, while C. Park et al. discussed interactions between
product types and review polarity on usefulness. Existing research shows in-
consistent or even contradictory conclusions about review sentiment, quantity,
and usefulness, possibly due to different product types. Research on relation-
ships between online education product types and review usefulness is limited,
requiring strengthened investigation into moderating effects on usefulness and
purchase intention.

2 Research Hypotheses

Literature shows that users’ information search behavior, online selection,
and usage behavior differ significantly when choosing among search-based,
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experience-based, and trust-based online education products. Product type
is an important moderating factor affecting how users manage and utilize
reviews and their online selection willingness. Review usefulness varies across
product types. Most scholars believe negative reviews impact users more
than positive ones. C. Park et al. argue that negative evaluations affect user
selection more than positive ones for both experience-based and search-based
products. Therefore, we propose that negative evaluations have greater impact
than positive ones across all product types:

H1: For search-based online education products, users perceive negative reviews
as more valuable and meaningful than positive reviews.

H2: For experience-based online education products, users perceive negative
reviews as more valuable and meaningful than positive reviews.

H3: For trust-based online education products, users perceive negative reviews
as more valuable and meaningful than positive reviews.

According to attribution theory, people attribute viewpoints and behaviors to
internal and external factors. When information receivers attribute others’ eval-
uations to personal bias, online evaluation effects decrease; when attributed to
external factors, effects increase significantly. Different user groups have dif-
ferent experiences with experience-based products—what one user values may
not be valued by others. For experience-based product reviews, preferences may
stem from individual user bias rather than actual product quality. Search-based
products typically have unified evaluation standards, and user reviews may be
widely accepted as truly reflecting product quality. For trust-based products,
even after use, quality cannot be judged, making reviews less referential for
others. Thus:

H4: Compared to experience-based online education products, learners, educa-
tors, and library resource purchasers perceive positive reviews of search-based
products as more valuable and meaningful.

H5: Compared to trust-based online education products, learners, educators,
and library resource purchasers perceive positive reviews of search-based prod-
ucts as more valuable and meaningful.

Prospect theory suggests that the pain of loss far exceeds the joy of gain. When
perceiving risk, people tend to reduce it. Users perceive different risk levels when
selecting different products, with risk varying by product type and user. Per-
ceived risk for experience-based products exceeds that for search-based products.
Under high perceived risk, users prefer risk-avoidance approaches to process re-
view information. For experience-based products, quality evaluation informa-
tion is often insufficient and standards unclear, with reviews possibly reflecting
individual experience rather than true quality, thus reducing usefulness:

H6: Compared to search-based online education products, learners, educators,
and library resource purchasers perceive negative reviews of experience-based
products as more valuable and meaningful.

HT7: Compared to trust-based online education products, learners, educators,
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and library resource purchasers perceive negative reviews of search-based prod-
ucts as more valuable and meaningful.

Researchers define perceived usefulness as how system use improves user work
efficiency. In this context, it refers to how review use aids internet platform
selection, saves time, and assists product quality judgment. Based on reviews,
users can comprehensively understand products and service providers to make
better decisions, which is an important factor affecting review usage. Therefore:

HS8: Perceived usefulness of online reviews positively affects intention to use
online reviews.

Trust can reduce transaction uncertainty and risk while lowering transaction
costs. Numerous studies show trust is a decisive factor in online selection inten-
tion, fostering positive usage attitudes and willingness. For online reviews, the
more potential users trust them, the more willing they are to reference them:

H9: Perceived credibility of online reviews positively affects intention to use
online reviews.

We propose that online education product type is an important moderating
factor affecting how review sentiment polarity influences perceived usefulness
and credibility, which in turn affect review usage intention. Based on these
hypotheses, the conceptual model is shown in Figure 1 [Figure 1: see original

paper].

3 Research Methods
3.1 Research Design

To reveal how usefulness, credibility, and usage intention of reviews vary across
education product attributes, representative products were selected based on ex-
isting literature and products purchased by Zhejiang A&F University Library.
“Software Tong” represents search-based products, “New Oriental Online” rep-
resents experience-based products, and “Online Lecture Hall” represents trust-
based products.

The experimental design is 2 (review sentiment: positive vs. negative) x 3 (prod-
uct type: trust-based vs. experience-based vs. search-based). The experimental
scenario states: “During your learning process, you need an online education
product. Before selection and use, you see reviews posted by users on media, in-
troducing the product’s general situation, platform usage methods, and process.”
Participants were 380 university personnel (undergraduates, graduate students,
teachers, library managers) with online learning experience in the past month,
randomly divided into 6 groups. University personnel were selected because
they are active participants in using online education products and posting re-
views, and to reduce sample population differences for more credible, persuasive
results. Each group read different product review types and answered questions
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about reviews and selection decisions. Screening questions eliminated invalid
responses, yielding 348 valid questionnaires. Data were analyzed using IBM
SPSS 25.0 and LISERAL 10.

3.2 Manipulation Check

Manipulated variables include product type and review sentiment polarity, mea-
sured using a 5-point Likert scale. Product type was assessed with the state-
ment: “For this type of online education product, quality can be easily eval-
uated before selection and use based only on platform descriptions and user
reviews, without needing experience.” One-way ANOVA compared the three
product types for identifiability (M_ {software} = 3.07, M_ {NewOriental} =
3.40, M_ {OnlineLecture} = 3.77, F = 12.19, p = .000), confirming successful

manipulation.

T-tests analyzed whether participants’ actual perceptions differed significantly.
Significant differences existed in perceived sentiment polarity between positive
and negative reviews (M_ {positive} = 3.03, M_ {negative} = 2.39, t = 7.05, p
= .000), confirming successful manipulation of review sentiment polarity.

3.3 Scale Design Sources and Reliability/Validity Analysis

The scale was developed based on existing research. All three questionnaires
(for “Software Tong,” “New Oriental Online,” and “Online Lecture Hall”) had
identical structures and items to ensure comparable results. A 5-point Likert
scale measured responses from “strongly disagree” (1) to “strongly agree” (5).
SPSS 25.0 assessed reliability, and LISERAL 10 conducted confirmatory factor
analysis to evaluate validity and fit.

As shown in Table 1 , Cronbach’s alpha ranged from 0.823 to 0.898, with all
internal consistency coefficients exceeding 0.7, indicating good reliability. KMO
values between 0.715 and 0.815 confirmed suitability for factor analysis. Confir-
matory factor analysis showed: (1) factor loadings > 0.500; (2) significance at p
< 0.01; (3) POVEI > 0.500, indicating good convergent validity. With POVEI
> 0.500 and greater than inter-variable correlation squares, discriminant validity
was also good.

4 Data Analysis
4.1 Main Effects Testing

First, without considering moderating factors, the study examined how review
sentiment polarity affects perceived usefulness. T-tests analyzed differences be-
tween sentiment polarities, as shown in Table 2 .

Table 2 indicates significant differences: positive review usefulness (M = 3.864)
was significantly lower than negative review usefulness (M = 4.182; t = 2.870,
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p = .004). One-way ANOVA tested main effects of product type on perceived
usefulness, credibility, and usage intention (Table 3 ).

Significant differences existed in perceived usefulness, credibility, and purchase
intention across product types, but not in usage intention. Users reference
other users’ opinions when selecting any online education product, browsing
and consulting reviews.

4.2 Testing the Moderating Effect of Product Type

ANCOVA tested the hypothesized relationships, examining interactions between
review sentiment polarity and product type while controlling for gender and
other covariates. Homogeneity of variance tests confirmed equal variances (F
= 0.228, p = 0.613), and scatterplots confirmed linear relationships between
dependent and covariates.

ANCOVA results (Table 4 ) show significant main effects for sentiment polarity
(F = 4.674, p = .003) and product type (F = 3.976, p = .020), and a significant
interaction effect (F = 3.894, p = .021). Adjusted means for sentiment polarity
and perceived usefulness are shown in Tables 5-7 .

Results show: (1) Different product types yield different usefulness perceptions;
(2) Negative reviews have significantly higher usefulness than positive ones. Ta-
ble 8 and Figure 2 [Figure 2: see original paper| present cross-group comparisons.

When product type is fixed, results differ by polarity. For experience-based
products, no significant difference exists between negative and positive reviews
(T = 0.498, p = 0.617). For search-based and trust-based products, positive
reviews are significantly less useful than negative ones (T_ {search} = 3.372, p
= 0.001; T_{trust} = 2.633, p = 0.010). Thus, H1 and H3 are supported, but
H2 is not.

When reviews are positive, product type’s moderating effect is not significant,
so H4 and H5 are not supported. When reviews are negative, product type’s
moderating effect is partially significant: negative reviews of search-based prod-
ucts have greater impact than those of experience-based products (T = 3.985,
p = 0.000), and trust-based product negative reviews have greater impact than
experience-based ones (T = 2.543, p = 0.012), with no difference between search-
based and trust-based products (T = 1.191, p = 0.232). Thus, H6 is supported
but H7 is not.

4.3 Relationship Between Review Usefulness, Credibility, and Review
Usage Intention

To test H8 and HY9, a linear regression model was established. Before analy-
sis, residuals and collinearity were examined for regression assumptions. The
Durbin-Watson statistic assessed residual independence, tolerance and VIF ex-
amined multicollinearity, scatterplots checked linearity, and histograms with
P-P plots assessed normality.
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Table 9 shows regression results. Multicollinearity is absent, and other regres-
sion conditions are met. Standardized coefficients indicate that both perceived
usefulness and credibility positively affect review usage intention. Users are
more willing to use reviews they find useful and trustworthy, with usefulness
having a stronger impact. Therefore, both H8 and H9 are supported.

5 Research Conclusions, Management Recommendations,
and Future Outlook

5.1 Research Conclusions

For search-based and trust-based online education products, negative reviews
are more valuable than positive ones. Online education service providers should
track negative reviews in real-time, respond appropriately, and improve service
quality based on user feedback. For experience-based products, no significant
difference exists between negative and positive review usefulness, as users at-
tribute negative opinions to personal bias rather than product quality, making
these reviews least influential.

When users encounter positive reviews, they attribute them to product service
quality rather than reviewer bias, resulting in no significant usefulness differ-
ences across product types. However, when facing negative reviews, search-
based products allow easier quality judgment, making reviews more referential.
For trust-based products, even post-use quality assessment is difficult, yet re-
view usefulness is significantly higher than for experience-based products.

5.2 Management Recommendations

(1) Value the moderating role of review information. Different manage-
ment models should be adopted for the three product types. Given resource
constraints, library managers and platform providers should prioritize manag-
ing negative reviews of search-based products. For experience-based products,
where positive and negative review usefulness differences are minimal, and for
trust-based products, where differences are relatively small, differentiated mar-
keting strategies should be implemented based on review sentiment polarity.

(2) Enrich online review content formats. Education service providers
should leverage new media technologies to support not only text reviews but
also image, voice, and short video reviews. Enhancing review usefulness, visual
appeal, and readability can improve user trust, strengthen usage willingness,
and increase platform visibility.

(3) Improve review collection and analysis. Library managers should
use big data to comprehensively collect positive and negative reviews, establish
visual display platforms for quick access to useful information, and emphasize
user reviews across different product attributes to inform future procurement
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decisions. Platforms with consistently poor reviews should be considered for
suspension in annual procurement plans.

5.3 Research Limitations and Future Directions

This study selected only three products to represent each type, limiting gener-
alizability. Future research should include more representative products, distin-
guishing platform content and service forms to enhance robustness. Addition-
ally, how users identify authentic and useful reviews among massive, complex
information requires further exploration. Future work should strengthen intelli-
gent information processing capabilities to automatically identify useful reviews
from large volumes—a key research direction.
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